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Abstract: This research explores the impact of social media metrics on revenue growth,
specifically focusing on Instagram, a leading platform for businesses to engage consumers
and promote offerings. It examines key metrics such as reach, impressions, interaction rate,
and virality rate, which gauge user engagement with brand content. A novel metric, the
loyalty rate, is introduced, combining interaction and virality rates to measure follower
loyalty—those who not only engage but also share content, enhancing organic reach. The
methodology involved comprehensive statistical analyses, including descriptive statistics,
Pearson’s correlations, and regression models, to investigate the relationship between social
media metrics and monthly turnover. The findings reveal a moderate positive correlation
between the loyalty rate and turnover, although the statistical significance was insufficient
to establish a direct relationship. In contrast, metrics like follower count exhibited a stronger
influence on financial performance, indicating that follower growth may be more critical
for revenue generation. This study concludes that while engagement and loyalty matter,
their effect on turnover is part of a broader digital strategy encompassing various factors
beyond direct interactions. Practical recommendations are made for enhancing the loyalty
rate and expanding research to include other platforms, like Facebook and LinkedIn, for a
more comprehensive understanding of social media’s impact on financial outcomes.

Keywords: social media metrics; Instagram; interaction rate; viral rate; revenue growth;
loyalty rate; digital marketing; social media marketing

1. Introduction

Social media use has become crucial to business success, particularly when it comes
to reaching out to their target market and advertising goods and services. Instagram
has become one of the most well-known platforms in this regard, distinguished by its
capacity to produce interactions and reach a sizable user base [1]. Many businesses,
communication firms, and digital marketing agencies use this social network as a vital
source of performance indicators that can have a direct impact on their financial outcomes,
in addition to using it as a dissemination tool [2].

By examining these measures, we can have a better understanding of how social media
interactions can support the expansion of the company’s revenue [3]. The sustainability of
businesses depends on determining which elements directly affect business success in a
digital age where interactions are constant [2].

The emphasis on Instagram is warranted given its widespread use and direct influence
on how companies interact with and connect with their target consumers [4]. Through
analysis, they aim to determine the true financial value of the attention and involvement
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that companies are able to garner from their followers. The evolution of social networks
as marketing tools and the necessity for businesses to assess and optimize their digital
presence are thus inextricably related to the research’s theme [5].

A significant portion of businesses’ marketing budgets are now allocated to the digital
world and social media in particular. According to the literature on digital marketing,
social media platforms like Instagram are crucial to how businesses engage with customers
and advertise their goods [1]. In turn, investing in these media necessitates a thorough
examination of their performance indicators to comprehend how social media actions affect
businesses’ financial outcomes [2]. There are a number of performance indicators, including
reach, impressions, and engagement rate, but there are currently fewer thorough studies
on how these metrics affect invoicing directly [3].

Additionally, a lot of businesses struggle to assess whether social media presence
and interactions are truly generating revenue [6]. Given the current environment, where
businesses are continuously searching for strategies to defend their investments in digital
marketing, this issue is especially pertinent [7]. Although social media platforms provide a
wealth of data, marketing managers still face a number of difficulties in assessing follower
loyalty and identifying which followers truly aid in the expansion of their businesses [5].

The desire to better understand the connection between follower engagement and
the effect on financial success justifies the establishment of a new indicator, the “loyalty
rate” [8]. This measure enables a more thorough understanding of follower behaviour and
the value they contribute to the brand by integrating the interaction rate and the virality
rate [4]. This study is pertinent not only because of the novel metric’s proposal, but also
because it tackles a real-world issue that many businesses in the digital world face: how to
accurately quantify the return on investment in social networks [2].

This study intends to provide and evaluate the novel metric known as loyalty rate
in addition to analysing traditional metrics like reach, impressions, and interaction rate.
Measuring follower loyalty and its direct effect on the company’s financial performance,
this statistic is the average of the interaction rate and the virality rate. Understanding the
effect of social media analytics, particularly Instagram, on the expansion of a business’s
revenue will be the primary goal of this study. KOR Creatives will be taken into account
for this research.

The goal of this study is to thoroughly examine the connections between income and
metrics in order to determine which have the most impact on financial outcomes. In order
to provide insights that can be applied to the management of your social media campaigns
and optimize your strategies to maximize return on investment, we use statistical analyses
of these variables, including regressions and correlations, to validate the effectiveness of
the loyalty rate as an indicator of loyalty and financial impact.

A number of fundamental questions led this research and provided a foundation
for the analysis and discussion of the findings. The following are the primary research
questions:

- What is the relationship between revenue growth and social media measures like
reach, impressions, and interaction rate?

- Is the loyalty rate, as suggested in this study, a reliable and accurate way to gauge
Instagram follower loyalty?

- Interms of revenue forecasting, what is the statistical correlation between the com-
pany’s monthly revenue and the loyalty rate, and how does this indicator stack up
against other traditional metrics?

- How can businesses use these insights to increase the return on their digital strategy,
and what are the practical implications for social media management based on the
data obtained?
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Critical issues that require more investigation are highlighted by research gaps in
the realm of social media and billing. First, there is still a lack of research on the direct
relationship between social media measures like reach and engagement rate and their
effect on revenue growth. Additionally, the absence of strong metrics to gauge devotion
on Instagram, like the devotion rate, suggests that despite being a novel idea, it has not
yet received widespread acceptance as a trustworthy indicator. The inability to effectively
analyse revenue projections due to the limited comparability of classic and new measures is
another crucial issue. Last but not least, study findings are frequently not put into practice;
many studies only offer theoretical frameworks and do not offer helpful recommendations
for businesses looking to maximize their digital strategies.

In order to provide a more precise evaluation of Instagram follower loyalty, this study
presents the loyalty rate, a novel statistic. This innovative method has the potential to
revolutionize how businesses gauge engagement and, as a result, guide their marketing
initiatives. This study is notable for its thorough statistical analyses as well, which aim
to demonstrate a relationship between monthly revenue and the loyalty rate. In addition
to bridging current gaps, this quantitative method gives businesses a strong basis for
understanding the connection between social media performance and financial outcomes,
providing insightful information for decision-making.

Finally, by providing a useful tool for gauging follower loyalty, this study aims to add
to the body of knowledge on social media metrics, particularly in the context of digital
marketing. This paper attempts to fill a gap in literature and industry practice by offering a
metric that measures both virality and direct engagement.

This study is divided into six parts. The context, problem relevance, goals, and research
questions are all covered in the first section. The second segment examines the research on
digital marketing, social media metrics, and how online interactions affect a company’s
bottom line. The methodology, including data collecting and statistical analysis approaches,
is covered in the third section. The studies’ findings, which emphasise the new statistic
known as loyalty rate, are shown in the fourth section. A discussion of the practical and
theoretical implications is shown in the fifth section. The results, study limitations, and
suggestions for further research are covered in the last section.

2. Social Media Marketing
2.1. Contextualization of the Role of Social Networks in the Business World

Social networks have become more and more important in recent years. Social media
platforms were utilized by almost 3.6 billion people in 2020, according to Statista data, and
this figure is predicted to rise further [9].

Communication techniques have changed over the centuries, profoundly altering
our day-to-day existence [10]. Social networks have become the primary mode of com-
munication in the twenty-first century, offering a creative forum for expressing opinions,
thoughts, and actions [10]. Businesses have also been significantly impacted by this com-
munication method, realizing the need for a strong social media strategy to differentiate
themselves in a constantly evolving digital environment [10]. Businesses must include
many marketing strategies in order to build a strong social media presence and improve
their brand in a number of ways. Additionally, Zachlod et al. [10] claim that businesses can
significantly boost their chances of dominating the social media industry by combining
unique approaches to customer interaction.

Social media has a big and wide-ranging impact [11]. In addition to transforming
research methodologies, it has made it possible for businesses and their customers to
communicate more effectively, thereby fortifying their relationship [12]. Companies now
employ social networks in their marketing aims and plans to increase consumer involve-
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ment, gather valuable information about them, and strengthen customer connections,
whereas in the past, social networks were used to give information about a company
or brand [2]. Social networks are important in the advertising industry, which makes
businesses more cautious in their strategies, anticipating customer reactions and avoiding
potential blunders that could have a detrimental impact on network platforms [11].

As part of their digital transformation, B2C (business-to-consumer) organizations fre-
quently use social media and reap its benefits, which include higher sales, brand exposure,
and customer engagement [13,14]. These platforms serve as a hybrid kind of advertising,
enabling businesses to communicate with their clientele while also fostering communica-
tion amongst clients [12]. Businesses must steer these discussions in a way that supports
company objectives. Social media is the technology element of a business’s transactional
communication and relationship-building that makes use of the network of clients and
prospects to encourage value co-creation, according to marketing and sales studies [2].
Developing proprietary network platforms and engaging customers with blogs and other
social networking tools are two tactics that are being used more and more [12]. The “big
four” social networks—Facebook, YouTube, LinkedIn, and Twitter—are used by over 70.0%
of businesses. Furthermore, according to Dwivedi et al. [2], 25.0% of businesses reported an
increase in income on social media, and 50.0% said it enhanced their customer experience
and marketing optimization.

Social networks are crucial to businesses’ digital transformation [2]. Social media
marketing has emerged as a key subject for businesses, enabling them to communicate
directly with consumers, advertise their goods, enhance their brand image, and foster client
loyalty [11]. Nonetheless, it is critical for businesses to recognize that unhappy consumers
can swiftly express their grievances, reaching a wide audience and possibly harming the
reputation of the brand [15].

Businesses can combine their social media initiatives with their overall marketing plan
to mitigate this risk and guarantee that social media marketing enhances brand image. This
entails determining the characteristics of the target audience and tailoring communications
to meet their unique requirements and preferences [11]. Businesses who wish to sell their
goods are viewed as undesirable since social media has evolved into a user-centric space
where people communicate, obtain information, and express their opinions. Organizations
must so effectively build positive brand equity if they want to survive in the cutthroat
online market [16].

2.2. Digital Marketing vs. Traditional Methods: Competitors or the Perfect Synergy?

Although social media marketing (SMM) is mostly conducted online, it is comparable
to more conventional marketing strategies like word-of-mouth advertising. SMM is the
process of using social media platforms to engage with or pique the attention of existing or
future clients in order to promote a website, brand, or business [17].

Due to social media’s nature, business owners can quickly communicate with clients
who live far away and advertise their company to a wide audience. Numerous research
studies have examined the advantages and disadvantages of social networks for corporate
organizations [18]. Because of their functionality and reach, social networks offer a valuable
marketing environment. The American Marketing Association (AMA) states that marketing
includes all of the institutions, actions, and procedures used to develop, convey, provide,
and trade value propositions for partners, customers, and society at large.

Since direct user involvement can increase loyalty and impact purchasing decisions,
it is clear that active user participation is a crucial component of social media marketing
strategies as they continue to develop [19]. Unquestionably, social networks are changing
how people live their lives, and in a similar way, they are changing how marketing is
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conducted. New social media platforms are essential for enhancing customer service,
preserving ties with customers, communicating benefits, promoting brands or exclusive
deals, creating new products, or influencing brand perception [20]. According to llodigwe
and Uzoh [18], social media marketing is the process of creating, communicating, delivering,
and exchanging value offerings with an organization’s stakeholders through the use of
social media technologies, channels, and software.

This concept is mirrored in new social media developments, where we observe more
current commercial uses like funding in addition to influencing firms’ promotional strate-
gies [20].

2.3. Social Media’s Function in Marketing Goals

The range of objectives that businesses can accomplish with social media platforms has
expanded dramatically with the rise in social media marketing usage [21]. The percentage
of marketers who use social media tactics to accomplish different goals in a range of
activities, including retail trade, customer relationship management, customer support,
brand promotion and building, and market research [21] is shown in Table 1.

Table 1. The top priorities for businesses utilizing social media marketing.

Priorities % of What Companies Use
Brand awareness and building 84.2
Customer retention 54.3
Acquisition of new customers 51.1
Brand promotions 48.4
New product introduction 45.1
Customer service 39.1
Recruitment 38.0
Market study 22.3
Target new markets 17.4
Identify new product opportunities 15.2

Source: Tuten and Solomon [21].

2.4. Social Network Consumer Behavior

Due to its capacity to promote social relationships and meet users’ need to preserve
their social identities, social networks have grown rapidly in popularity. According to
a poll, 61.0% of teenagers regularly check their social media accounts to see how their
posts are being received, 36.0% check to see whether their friends are participating in their
activities, and 21.0% keep an eye on unfavourable comments [22].

Prior research has emphasized how social identity affects how people behave online.
Strong social identities in virtual communities have been shown to boost the likelihood
of participating online [23]. This implies that a major driving force for social media use is
social identity.

Furthermore, social media involvement directly affects how customers behave when
making purchases. Managers can turn users into efficient customers by determining the
elements that affect social media usage and purchase decisions. This adds value to assets
and raises the possibility of marketing impact [24].

The demand for more efficient digital marketing is reflected in the fact that consumers
use digital communication channels throughout their daily lives to learn about goods and
services [25]. Businesses must modify their strategies to suit the digital environment, as the
number of people using mobile devices to access the internet has increased to 4.1 billion
worldwide, and there are 3.56 billion users on social networks [26].
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In conclusion, knowing how advertising influences customer behaviour is essential to
making more successful advertisements. While most customers are not actively looking for
ads, effective advertising can boost sales and brand awareness by educating consumers
about necessary goods or services [27].

2.4.1. Brand Awareness

Brand awareness can be defined as the degree of recognition that the consumer has in
relation to a product or service from a given company [28]. This awareness is formed by
taking into account important elements including human behaviour, brand management,
advertising management, and strategic development. These components are essential for
allowing the customer to buy the company’s goods or services. Moreover, the best strategy
to advertise a brand using both direct and indirect marketing strategies is to raise brand
awareness. Brand awareness can be one of a business’s most valuable assets in fiercely
competitive markets [28].

2.4.2. Perception of Brand Awareness Among Consumers

Brand recognition has a neutral impact on consumers. Notifying consumers of a
product or service’s availability is the primary purpose of advertising [29]. Advertisements
introduce people to things in a similar manner to how the news informs them about current
affairs. Customers are prepared for potential future purchases by this process, which moves
them from being ignorant of the company’s existence to brand identification [27]. Agencies
must keep abreast of emerging trends in digital marketing, since people are becoming
more and more integrated with the digital world. Many consumers feel overloaded with
traditional advertising (such as leaflets and brochures), which frequently fails to pique their
interest, as a result of growing advertising prices. Additionally, this affects how customers
view and connect with brand awareness [28].

Customers are choosing Internet marketing over traditional brand recognition and
are spending more time online not only to make purchases but also to compare goods and
services, prices, features, and information. As a result, controlling brand awareness at every
stage of a product’s life cycle—from the introduction to the decline phase in the market—is
essential to its success [28].

2.5. Theories and Models of Social Media Marketing

Several industries have seen a shift in paradigms due to social media, with busi-
ness models favouring mass personalization over traditional one-to-many marketing
techniques [30,31]. The significance of internet reviews and the customization of brand-
consumer interactions serve as proof of this change [32,33].

2.5.1. Theories of Personal Behaviour

The study of individual behaviour on social networks has been defined by several
psychological theories. The most outstanding include the following;:

1. Five-Factor Personality Model: This explains how traits such as openness and extro-
version influence users’ interactions on social media [34]. This model is also called
OCEAN [35,36].

2. Technology Acceptance Model (TAM): this model is used to understand how the
perception of ease of use and usefulness affects the adoption of technologies, often
applied to the study of social media [37].

3. Theory of Reasoned Action and Theory of Planned Behaviour: both predict behaviours
based on attitudes and social norms, which is useful for understanding voluntary
participation in activities on social networks [38].
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2.5.2. Theories of Social Behaviour

Interactions on social networks are also studied through theories that focus on social
aspects, such as the following;:

1.  Theory of Social Aspects: this includes social influence and social capital, which de-
scribe how social interactions and social ties impact the use of social networks [39,40].

2.5.3. Theories of Mass Communication

These theories are applied to understand how media content has the most impact on
consumer behaviour on social networks:

1.  Parasocial Interaction (PSI): originally applied to celebrities on TV, this theory has been
adapted to study relationships between brands and consumers on social media [41,42].

2. Uses and Gratifications Theory (UGT): this explores how social networks satisfy
specific users’ needs, influencing their choices and behaviour [42,43].

2.5.4. Integrated Communication Theories with Metrics Analysis

In order to provide a consistent and powerful message, integrated communication
theories emphasize how crucial it is to coordinate all of an organization’s communication
efforts. In order to present a cohesive picture to stakeholders, this notion integrates a
number of disciplines, including marketing, advertising, public relations, and internal
communication.

In this process, metrics analysis is essential, since it enables you to evaluate the
success of communication tactics and modify your strategy as needed. Campaign impact is
measured and communication goals are effectively met with the use of metrics [44,45]. An
example of this type of theory is implemented by Swonkie (https://swonkie.com/en/),
where users have access to a variety of metrics that allow them to evaluate the performance
of campaigns and content published on platforms such as Instagram, Facebook, and
others [46,47].

Swonkie provides several important metrics, such as “reach”, which counts the num-
ber of distinct users who saw the content; “impressions”, which show how many times
the content was viewed overall; “interaction rate”, which determines the proportion of
followers who engaged with the posts (likes, comments, and shares); and “virality rate”,
which counts the number of shares of the content relative to the total views (Swonkie,
the year 2024 [47]). These indicators are essential for analysing social media success, be-
cause they offer comprehensive information about follower engagement and the spread of
content [47].

2.6. Metrics on Social Media Are Crucial for Evaluating Performance and Sales Impact

According to Singh et al. [48], the widespread use of social media has produced a
wealth of data that may be analysed for a variety of research issues in a number of academic
fields. According to Kaplan and Haenlein [49], social media platforms produce a significant
amount of quantitative data that are crucial for analysts and marketers who are interested in
tracking and researching brand loyalty, behavioural segmentation, and other performance
metrics [50].

According to Crisci et al. [51], social network analysis, often known as social media
marketing, is an interdisciplinary field that creates, modifies, and broadens tools and
techniques for gathering and analysing vast amounts of organized and unstructured
data from networks. Social media communities are monitored, opinion dynamics are
understood, collective sentiments are analysed, and predictions are made using these data,
which supports a number of useful applications in the business and social sciences [51-55].
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In order to support commercial decision-making, social media monitoring is an it-
erative process of methodically examining networks for pertinent information regarding
subjects, target audiences, and rivals [56-59]. In contrast to traditional business analysis
approaches that rely on historical data, this process uses real-time data and involves the col-
lecting and evaluation of unstructured data to generate opinions and evaluate the influence
of specific players [58].

Additionally, businesses use platforms that facilitate engagement and provide access
to real-time data and insights into consumer behaviour to create marketing campaigns
and programs that help customers move through the sales funnel [60]. An emerging issue
in the marketing community is CRM-based marketing objectives, which align marketing
objectives with sales operations and assess the return on investment (ROI) for particular
actions, like boosting eWOM and brand awareness [60,61].

2.7. How to Evaluate Metrics

With an initial focus on political communication, Stieglitz et al. [54,62] presented a
three-step methodology for social network analysis [54,62]. In order to create a foundation
for more efficient comparison analyses on social networks, they enhanced this model in
2018 [63].

The four primary stages of Stieglitz et al.’s [63] methodology are preparation, analysis,
tracking, and discovery.

As an expansion of the original model, the first phase, discovery, was incorporated to
handle the growing difficulties in recognizing subjects and events as well as the multidisci-
plinary complexity of the data [10].

Depending on the method selected, the data collected during the crawling phase may
be organised or unstructured. These methods may include the usage of keywords, topics,
profiles, or URLs (Uniform Resource Locators) [10]. Technical difficulties pertaining to the
software’s architecture are another aspect of this phase.

The gathered data are handled during the preparation phase, where issues with data
quality and visualisation arise.

Finally, the analysis phase includes a number of methods, including the examination of
attitudes, opinions, trends, and structural features [10]. Depending on the type of research
question formulated and the context of the data, which may include areas like politics,
business, sports, or entertainment, this phase also includes a variety of analytical techniques,
including statistics, social network analysis, sentiment analysis, content analysis, or trend
analysis [54]. To handle the range of problems and situations, a combination of these
approaches is advised.

2.7.1. Social Network Analysis Steps

In order to shed light on the social network analysis process, scholars have created
frameworks that serve as a common foundation for research in this field. Four categories
of social network activities and three levels of analysis are proposed by Aral et al. [64] in
order to examine research prospects and provide a framework for examining connections
between enterprises, society, and social networks.

A three-step process model for social network analysis is also proposed by Fan and
Gordon [53]: “capture”, “understand”, and “present”. Data are gathered and pre-processed,
and pertinent information is extracted during the capture step. In order to comprehend
the data, this phase also entails removing noise and using particular methods, including
sentiment analysis. The results are synthesized and presented in the last stage.

In turn, Stieglitz et al. [54] established a three-step paradigm for social network analysis
(SMA) that has now become a standard in information systems. To find latent patterns
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and structures, a preliminary “discovery” phase was added to this model, which was also
modified to apply to domains other than political communication [62].
The model now has four steps instead of the prior three [62]:

1.  Discovery: finding hidden patterns and structures.

2. Monitoring: selecting the data source, such Facebook or Twitter, and establishing the
strategy and technique to be used.

3. Preparation: although the original model does not completely outline the required
processes, this phase gets the data ready for analysis.

4. Analysis: various techniques, such as opinion extraction and social network analysis,

are used, depending on the goals of the study.

This modified theoretical model ensures efficient and flexible analysis across many
study domains by empowering researchers to make well-informed choices regarding data
collection (Figure 1), analytical methodologies, software architecture, and storage [63].

— Approaches Method's
s N\
Research structured data ts:)rut(:tural || Statistical
Domains unstructured data attributes (e.g. analysis
answering \ )
Innovation > beha'\/lour‘
Management location of Social
Social Media nodesinthe [~  network [
Stakeholder network) ( analysis
management p \ Method
Tracking method Opinion-/ Hrs
Reputation : —>| Sentiment
management I‘ APls —> sentiment- analysis 5 l
RSS / HTML parsing related
( . J
General T SReF)Ort /
Monitori ummary
— Tracking approach Content
Keyword-related || Topic-/trend- anglysis
> Actor-related related )
URL-related Trend analysis
I Tracking Preparation Analysis >

Figure 1. Framework for social network analysis. Source: Stieglitz and Dang-Xuan [62].

2.7.2. Technologies and Tools for Social Network Analysis

Social networks have made new kinds of data available, making it easier to complete
tasks that were previously difficult or impossible [65]. Marketers have access to a multitude
of user-generated data through a range of marketing research approaches. This information,
which includes text, audio, and video, is extensively shared and discussed in communities
and is crucial to understanding how customers express their thoughts and experiences [65].
Improvements in customer service and service recovery techniques are made possible by
this broader expression, which is essential for the creation and assessment of marketing
strategies [20,63].

In order to derive valuable insights from social networks, the interdisciplinary disci-
pline of “Social Media Analytics” aims to expand and modify analysis techniques [63]. In
order to guarantee accurate and trustworthy results, this field comprises techniques like
data mining and netnography, which apply scientific marketing research concepts [63].

Tools that communicate with platform APIs are frequently used to obtain these data,
enabling the tracking and examination of pertinent data. Data assist in detecting hazards
and possibilities for successful communications, as well as trends and new challenges.
Employing reports and dashboards to make decisions based on real-time data, businesses
employ these insights for a range of objectives, including reputation management and
direct consumer communication [66,67].
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In order to comprehend user behaviour on social networks, a number of theories and,
considering the aforementioned features of the Swonkie platform, the primary theoretical
foundation for the analysis of social network measurements will be the theory of integrated
communication theories with metrics analysis. Because of its capacity to deliver compre-
hensive and easily comprehensible data, this platform was selected to enable the tracking
of crucial metrics including reach, impressions, interactions, and virality.

Metrics like interaction rate and virality rate, which Swonkie directly provides, can be
used to precisely gauge follower engagement and content distribution. This information is
essential for developing the new metric suggested in this study.

As a result, Swonkie provides a solid theoretical foundation for comprehending how
various measures affect social media performance and, in turn, revenue development for
the organization being studied, in addition to being a trustworthy source of data.

3. Methods
3.1. Methodology of Research

Using KOR Creatives as a case study, the metrics of its social media accounts from
December 2022 to August 2024 were examined and contrasted with revenue data for the
same time period in order to examine the effect of social media metrics, particularly Insta-
gram, on a company’s revenue growth. A key element of the business’s digital marketing
approach has been efficient social media management. Effective social media management
has been a critical component of the digital marketing strategy of Kor Creatives, which
shares its data for research and is therefore considered in this study.

By determining whether there is a substantial association between the expansion of
the company’s social media presence (as measured by reach, impressions, virality rate,
etc.) and the rise in revenue, the impact was examined. In addition to offering data-
driven suggestions to improve your digital marketing strategies, this will enable you to
comprehend the part social media plays in a business’ success plan.

According to Misirlis and Vlachopoulou [68], this study examines methodology related
to social media analytics that includes the following steps: identifying the data source;
choosing data collection techniques; treating and calculating metrics; and, lastly, analysing
the findings.

3.2. Data Source

Data collection for this research was carried out from two main sources: Social Media
Metrics and Financial Data. Data were collected by the Swonkie platform that relate to the
social networks used by the company and include the following metrics:

(@) Reach (unique number of people who saw the content);

(b) Impressions (likes, shares, comments, and number of times the content was viewed);
(c) Virality rate (actions taken by users who saw the content);

(d) Growth of followers over time;

(e) Frequency of publications and content format (reels, posts, and carousels);

(f) Financial data: company revenue data for the last three years by month.

The performance in terms of reach, impressions, publications, and interaction rates is
noteworthy when comparing the metrics of Instagram, Facebook, and LinkedIn between
December 2022 and December 2023. Instagram received the most results in the metrics,
confirming its position as the most engagement-effective platform.

With an average reach of 644.67 thousand and a virality rate of 1.8%, Instagram stats
for the January—August 2024 period show that follower engagement has increased over
previous time periods. When compared to Instagram, Facebook’s average engagement rate
was 1.9%, showing more consistent performance but less impressions.
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In addition to social media metrics, Table 2 shows the company’s monthly revenue
from 2022 to 2024. It shows a steady growth in revenue over the years, with 2024 showing
a significant increase, especially in the months of June and July, where the company
reached EUR 89,948.87 and EUR 107,134.27, respectively. This increase may be correlated
with increased social media engagement, highlighting the importance of effective digital
strategies for revenue growth.

Table 2. Monthly revenue from 2022 to 2024.

Sales with January February March April May June July August September October November December Total
VAT EUR EUR EUR EUR EUR EUR EUR EUR EUR EUR EUR EUR EUR
2022 28,875.65 13,597.51 26,117.35 26,059.13 26,957.13 38,176.41 57,265.23 69,533.34 32,578.86 53,494.95 62,909.43 36,395.25 471,960.62
2023 25,416.87 38,090.20 45,601.95 57,670.55 91,351.54 59,796.45 92,513.32 86,478.51 54,109.00 38,313.96 66,132.42 56,938.41 712,413.18
2024 48,992.84 56,687.83 86,179.58 55,923.23 58,585.78 89,948.47 107,134.27 79,474.50
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400,000.00€

350,000.00 €

300,000.00 €

250,000.00€

200,000.00 €

150,000.00 €
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Source: KOR Creatives [69].

The social network Instagram was chosen for this study, since, at the moment, it is the
most popular and pertinent site for the company’s target demographic. As seen in Table 3,
Instagram is notable for its capacity to produce substantial user-brand engagement and
provides a variety of helpful performance analysis measures, including reach, impressions,
and interactions. Moreover, as Figure 2 illustrates, Instagram is the primary focus for
comprehending how social media techniques affect revenue growth due to its dominance in
terms of popularity and everyday usage. It makes sense that this investigation concentrates
solely on this platform given its significance in the current digital market in order to gather
precise and pertinent findings.
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Figure 2. Revenue x Social media metrics 2022/2024. Source: KOR Creatives [69].
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Table 3. Instagram metrics (December 2022 to August 2024).
M o o . o o No o Page. o Virality o Loyalty o Revenue
onth Followers A% Posts A% Impressions A% Reach A% Interactions A% Int(::tc:lon A% Rate A% Rate A% EUR
December 2022 825 23 32,272 4541 10,279 8.7% 31.9% 27.2% 36,395.27
January 2023 879 6.5% 22 —4.3% 39,909 23.7% 5376 18.4% 15,591 51.7% 11.6% 34.0% 39.1% 22.7% 29.7% 2.5% 25,416.87
February 2023 907 3.2% 23 4.5% 41,943 5.1% 4848 —9.8% 17,730 13.7% 12.5% 8.1% 42.3% 8.2% 29.6% 0.0% 38,090.20
March 2023 914 0.8% 22 —4.3% 39,354 —6.2% 39,354 711.8% 180,790 919.7% 12.1% —-3.1% 45.9% 8.7% 26.4% —3.2% 45,601.95
April 2023 1010 10.5% 18 —18.2% 48,624 23.6% 9379 —76.2% 27,921 —84.6% 16.6% 36.5% 57.4% 25.0% 28.9% 2.4% 57,670.55
May 2023 1056 4.6% 25 38.9% 55,802 14.8% 6197 —33.9% 29,035 4.0% 14.4% —13.1% 52.0% —9.4% 27.7% —-1.2% 91,351.54
June 2023 1075 1.8% 17 —32.0% 41,746 —25.2% 5234 —15.5% 23,049 —20.6% 13.9% —3.3% 55.2% 6.1% 25.2% —2.5% 59,796.45
July 2023 1110 3.3% 16 —5.9% 55,208 32.2% 5723 9.3% 23,245 0.9% 92,513.32
August 2023 1128 1.6% 24 50.0% 48,598 —12.0% 4291 —25.0% 86,478.51
September 2023 1163 3.1% 19 —20.8% 49,688 2.2% 2851 —33.6% 9810 12.9% 19.7% 65.2% 65.2% 54,109.00
October 2023 1202 3.4% 25 31.6% 51,681 4.0% 5760 102.0% 21,376 117.9% 9.2% —28.4% 41.4% 109.5% 22.3% —42.9% 38,313.96
November 2023 1221 1.6% 21 —16.0% 37,571 —27.3% 5494 —4.6% 12,758 —40.3% 6.7% —26.8% 34.0% —17.9% 19.9% —2.4% 66,132.42
December 2023 1244 1.9% 20 —4.8% 42,396 12.8% 5601 1.9% 355 —97.2% 0.4% —94.7% 0.1% —99.8% 42.9% 23.0% 56,938.41
January 2024 1271 2.2% 20 0.0% 38,920 —8.2% 3455 —38.3% 754 112.4% 1.9% 131.4% 48,992.84
February 2024 1319 3.8% 20 0.0% 52,135 34.0% 3847 11.3% 881 16.8% 1.7% —12.9% 56,687.83
March 2024 1380 4.6% 21 5.0% 68,399 31.2% 8052 109.3% 1000 13.5% 1.5% —13.5% 86,179.58
April 2024 1419 2.8% 22 4.8% 64,506 —5.7% 8703 8.1% 946 —5.4% 1.5% 31.0% 55,923.23
May 2024 1450 2.2% 21 —4.5% 71,177 10.3% 11,846 36.1% 891 —5.8% 2.8% 2.8% 1.3% —14.6% 221.6% 221.6% 58,585.78
June 2024 1495 3.1% 23 9.5% 68,189 —4.2% 11,135 —6.0% 1303 46.2% 4.1% 1.4% 1.9% 52.7% 216.2% —5.4% 89,948.47
July 2024 1584 6.0% 33 43.5% 368,299 440.1% 127,641 1046.3% 2151 65.1% 0.5% —3.7% 0.1% —69.4% 82.8% —133.5% 107,134.27
August 2024 1606 1.4% 20 —39.4% 471,699 28.1% 161,275 26.4% 837 —61.1% 0.2% —0.3% 0.2% —69.6% 122.2% 39.5% 79,474.50

Source: KOR Creatives [69].
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In accordance with the company’s strategy, considered in the current research, the
following metrics are the most relevant for managing social media marketing, which
requires calculations to be performed as follows [69]:

(a) Impressions = Number provided by Facebook’s MetaBusiness.

(b) Reach = Number provided by Facebook’s MetaBusiness.

(¢) No. of Interactions = Number provided by Facebook’s MetaBusiness.

(d) Page interaction rate = (Accounts with interaction/Accounts reached) x 100.

(e) Virality rate = (Interactions/Impressions) x 100.

(f) A% Posts = (Current month’s posts/Previous month’s posts)/Previous month’s posts.

(g) A% Impressions = (Current month’s impressions/Previous month’s impressions) /Previous
month’s impressions.

(h) A% Reach = (Current month’s reach/Previous month’s reach)/Previous month’s
reach.

(i) A% No. of interactions = (Current month’s interactions/Previous month’s interac-
tions)/Previous month’s interactions.

() A% Page Interaction Rate = (Current Month’s Interaction Rate/Previous Month’s
Interaction Rate)/Previous Month’s Interaction Rate.

(k) A% Virality rate = (Current month’s virality rate/Previous month’s virality rate)/Previous
month’s virality rate.

The creation of a new metric is proposed, being the average between the page interac-
tion rate and the virality rate, which can be used to measure follower loyalty, that is, the
percentage of “loyal followers” who regularly interact with the content and who also help
to amplify the reach through virality.

By combining these two metrics, we measure a combination of direct engagement
(interactions) and viral spread (shares that expand reach). The average between these two
rates will represent loyal followers who not only interact with the content but also contribute
to its amplification. The following equation presents the formula for the proposed metric,
which is called loyalty rate:

Loyalty rate = Page interaction rate/ Virality rate, 1)

where Page Engagement Rate measures the percentage of followers who directly interact
with posts (likes, comments, and shares). This rate reflects the level of engagement of fol-
lowers. And the Virality Rate measures the percentage of virality, that is, the dissemination
of content beyond the initial audience, potentially expanded through sharing.

3.3. Data Collection Method

Data were sourced directly from Swonkie’s social media reports and the company’s
internal financial records. It was crucial to ensure the accuracy and consistency of the data
collected for the analysis to be reliable. A specific time period was used to align social
media data with financial data, which were from December 2022 to August 2024.

For this investigation, the following metrics were analysed:

Social media indicators:

(@) Annual Reach = Unique number of people who viewed the content throughout each
year;

(b) Annual Impressions = Total content views, including all interactions for each year;

(¢) Annual Virality Rate = Percentage of actions (likes, shares, and comments) performed
by users who saw the content in relation to the total number of people reached per
year;

(d) Annual Follower Growth = Increase in the number of followers throughout each year.
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Financial indicators:

(a) Monthly Billing = Total revenue generated by the company at the end of each month.
(b) Monthly Revenue Growth Rate = Percentage of revenue growth from one month to
the next.

3.4. Results Analysis

The gathered data were summarized and interpreted through data analysis utilizing
descriptive statistics techniques. The following were included in the analysis:

(a) Averages: used to comprehend the typical monthly performance of income and social
media analytics.

(b) Standard Deviations: used to quantify the extent to which data deviate from the
monthly average.

(¢)  Minimum and Maximum Values: used to determine the lowest and maximum points
in the revenue and performance of social media throughout the course of the months.

(d) Correlation: Used to ascertain the connection between social media metrics and
monthly revenue, using Pearson’s correlation. This assisted in determining whether
the variables under analysis have a positive or negative connection.

The Statistical Package for the Social Sciences, or SPSS 28.0.1.0, was the analysis
instrument used.

4. Analysis and Discussion of Results
4.1. Descriptive Analysis of Metrics

Descriptive data provide an overview of the main Instagram variables analysed,
including reach, impressions, number of interactions, page engagement rate, virality rate,
and revenue. Table 4 presents the descriptive statistics for the variables under analysis.

Table 4. Descriptive statistics for reach, impressions, and revenue.

N Minimum Maximum Average St. Deviation
Reach 21 2851 161,275 20,981.10 42,082.48
Impressions 21 32,272 471,699 85,148.38 113,048.37
Revenue 21 25,416.87 107,134.27 63,415.95 22,167.53

Source: own elaboration.

As shown in Table 4, the average range was 20,981.10, with considerable variation over
the months (standard deviation of 42,082.48). Impressions averaged 85,148.38, reflecting
the total number of times the content was viewed. Monthly revenue averaged 63,415.95,
with a high standard deviation of 22,167.53, indicating significant variations in revenue
over the period analysed.

These results demonstrate that there is substantial variation in Instagram page perfor-
mance metrics, suggesting that seasonal factors or other variables may influence both post
visibility and follower interactions.

Figure 3 illustrates the relationship between monthly reach and revenue. Although
there is a moderate positive correlation between these variables, the graph demonstrates
considerable dispersion, which confirms the absence of a strong linear relationship between
reach and revenue.

Figure 4 shows the evolution of the number of followers and revenue over the period
analysed. It is observed that an increase in the number of followers tends to coincide with
revenue peaks, corroborating the results of the regression analysis.
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Figure 3. Scatter plot of reach and revenue. Source: own elaboration.
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Figure 4. Line graph showing the evolution of the number of followers and revenue. Source: own
elaboration.

4.2. Correlation Between Metrics

Pearson’s correlation was used to assess the relationship between the reach of posts
on Instagram and the company’s monthly revenue. Table 5 presents the correlation results.

Table 5. Pearson’s correlation between revenue and reach.

Revenue Reach
Pearson’s correlation 1 0.401
Revenue Sig. (bilateral) 0.072
N 21 21
Pearson correlation 0.401 1
Reach Sig. (bilateral) 0.072
N 21 21

Source: own elaboration.

Although the correlation coefficient of 0.401 indicates a moderate positive relationship
between reach and revenue, the statistical significance is marginal (p = 0.072), suggesting
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that this correlation is not statistically significant at the 0.05 level. This implies that although
a tendency for greater reach may result in greater revenue, this relationship is not strong
enough to be considered conclusive with the available data.

4.3. Regression Analysis

Regression analysis was performed to identify whether social media metrics such as
reach, impressions, number of interactions, and virality rate have a significant impact on
the company’s monthly revenue. Table 6 presents the regression results.

Table 6. Regression of reach, impressions, number of interactions, and virality rate with monthly revenue.

Coefficients ?

Unstandardised Coefficients Standardised Coefficients

Model B Error Beta t
(Constant) —65,120.64 49,551.60 -1.314
Reach 1.25 2.34 2.64 0.533
Impressions —0.442 0.882 —2.54 —0.502
No. of interactions —0.236 0.509 —0.456 —0.464
Page interaction rate 2512.92 2096.75 0.611 1.198
Followers 101.27 44.87 1.13 2.26

Source: own elaboration. ® Dependent variable: revenue.

This regression analysis examined the relationship between monthly revenue and
factors such as reach, impressions, number of interactions, page interaction rate, and
followers. The constant coefficient is —65,120.64, representing the estimated revenue when
all predictors are zero. However, its high standard error (49,551.60) and low t-value (—1.314)
indicate weak statistical significance. Among the independent variables, reach shows a
positive effect on revenue, with an unstandardised coefficient of 1.25 and a standardised
Beta of 2.64, though its t-value (0.533) implies limited significance. Impressions and
number of interactions, on the other hand, have negative coefficients (—0.442 and —0.236,
respectively) and low t-values (—0.502 and —0.464), suggesting they may not have a
meaningful impact on revenue.

In contrast, the page interaction rate and the number of followers stand out as more
influential factors. The page interaction rate has a coefficient of 2512.92, suggesting a
potential positive effect on revenue, but its t-value (1.198) indicates moderate significance.
Followers, with a coefficient of 101.27 and a standardised Beta of 1.13, show the most
significant relationship with revenue, as reflected in its t-value of 2.26. Overall, this analysis
highlighted that while reach, page interaction rate, and followers may contribute positively
to revenue, impressions and the number of interactions appear to have a negligible or even
negative impact.

A regression analysis revealed that the followers variable has a positive and marginally
significant impact on revenue (p = 0.050), with a coefficient of B = 101.27. This suggests
that an increase in the number of followers can have a direct positive effect on increasing
monthly revenue.

The other variables, such as reach and impressions, did not demonstrate a significant
impact on revenue (with p-values greater than 0.05), suggesting that simply increasing
reach or impressions is not necessarily associated with direct revenue growth. However,
the page interaction rate, with a positive coefficient of B = 2512.92, also showed a trend of
positive influence on collection, although this was not statistically significant (p = 0.261).

These results indicate that the quality of follower engagement, measured by interaction
rate and number of followers, can have a more direct impact on revenue than the number
of people reached.
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4.4. New Proposed Metric: Loyalty Rate

To complement the analysis and address follower loyalty, a new metric is proposed
that combines the page interaction rate and the virality rate. This metric is designed to
measure the percentage of loyal page followers who not only engage with the content but
also spread it beyond the page’s network of followers.

The inclusion of this metric provides a more complete view of the effectiveness of social
media strategies, as it combines both direct follower engagement and its impact in terms of
organic reach. The loyal followers metric can be especially useful for understanding the
loyalty and behaviour of your most active followers, who play a crucial role in expanding
your brand’s reach. The descriptive statistics in Table 7 present the results of the descriptive
analysis of this new metric.

Table 7. Descriptive statistics of the loyalty rate.

N Minimum = Maximum Average St. Deviation
Loyalty rate 15 19.9% 221.6% 65.8% 68.2%
Valid N 15

Source: own elaboration.

The loyalty rate varies between 19.9% and 221.6%, with an average of 65.8%. The
standard deviation of 68.2% is high, indicating a large dispersion between loyalty rates
over the period analysed. This suggests that follower loyalty fluctuates significantly from
month to month. Table 8 shows the correlation between the loyalty rate and revenue.

Table 8. Correlation between loyalty rate and revenue.

Loyalty Rate Revenue
Pearson’s correlation 1 0.423
Loyalty rate Sig. (bilateral) 0.116
N 15 15
Pearson correlation 0.423 1
Revenue Sig. (bilateral) 0.116
N 15 21

Source: own elaboration.

The correlation between loyalty rate and revenue is r = 0.423, which indicates a moderate
positive correlation. However, the statistical significance (p = 0.116) is not strong enough to
conclude that this correlation is statistically significant at the 0.05 level. This suggests that
while there is a tendency for greater follower loyalty to be associated with higher revenue, we
cannot say with certainty that this relationship is robust based on this sample.

The regression table was used to verify the impact of the loyalty fee on revenue. The
regression model included the loyalty rate as a predictor of revenue. The coefficient of
determination R? = 0.179 indicates that approximately 17.9% of the variation in revenue
can be explained by the loyalty rate, presented in Table 9.

Table 9. Regression between loyalty rate and revenue.

Model Summary
Model R R square Adjusted R square  St. Error of estimate
1 0.4232 0.179 0.116

Source: own elaboration. ? Predictors: (constant) loyalty rate.
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The adjusted R? of 0.116 suggests that when taking into account the number of obser-
vations, the model does not explain a very significant amount of the variation in collection.

The F value = 2.840 indicates the strength of the model, presented in Table 10, but with
p = 0.116, the regression model is not statistically significant at the 0.05 level. This suggests
that loyalty rate is not a strong predictor of revenue with the available data.

Table 10. ANOVA test between loyalty rate and revenue.

ANOVA?*
Model Sum of Squares df Mean Square F Sig.
Regression 1,341,119,759.598 1 1,341,119,759.598 2.840 0.116°
Residuals 6,137,922,050.809 13 472,147,850.062
Total 7,479,041,810.407 14

Source: own elaboration. * Dependent variable: revenue. P Predictors: (constant) loyalty rate.

The coefficient B = 143.61 for the loyalty rate indicates that an increase of 1 unit in the
loyalty rate is associated with an increase of 143.61 units in revenue, but this result is not
statistically significant (p = 0.116), as shown in Table 11.

Table 11. Coefficients between loyalty rate and revenue.

Coefficients 2

Unstandardised Coefficients Standardised Coefficients

Model B Error Beta t Sig.
(Constant) 50,875.31 13 7934.19 6.412 <0.001
Loyalty rate 143.61 14 0.423 1.685 0.116

Source: own elaboration. # Dependent variable: revenue.

Figure 5 shows the relationship between the loyalty rate and average revenue, which
suggests an upward trend in the relationship between the loyalty rate and revenue, although
the variation is relatively large.

50.0% 100.0% 150.0% 200.0% 250.0%
Loyalty Rate

Figure 5. Relationship between loyalty rate and average revenue. Source: own elaboration.

The line on this graph demonstrates a possible link between follower loyalty (loyalty
rate) and financial performance, but the dispersion of the points suggests that there are
other factors that can significantly influence revenue.
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As far as the company’s practical consequences are concerned, it should keep investing
in expanding its following, because doing so has been shown to increase revenue.

The quality of content that creates meaningful interactions should receive particular
attention, because this seems to have a significant impact on revenue growth.

Whether virality and follower loyalty have comparable effects in other situations
should be explored by investigating other social media platforms.

5. Discussion

According to the findings of other earlier studies, the outcomes of this research are
consistent. The significance of social media in marketing and its effect on businesses’
financial outcomes were emphasised by Alalwan et al. [1]. They contend that social
media platforms are crucial resources for companies looking to engage with customers
and successfully market goods and services. By showing that social media engagement
indicators, like the number of followers and the loyalty rate, have a major impact on
businesses’ financial performance, this study supports this viewpoint.

Dwivedi et al. [2] discuss how businesses are changing digitally and the importance of
social media in consumer communication. They emphasise that the use of digital strategies
is essential for businesses to remain competitive in the current market, where ongoing
customer interaction is crucial. This article’s results support this idea, highlighting the need
for effective digital strategies and demonstrating how important follower engagement and
content quality are to the growth of the audience.

Duffett [3] examined the ways in which social media interactions might help businesses
increase their income. Although more research is required to validate this indicator properly,
the study in question discovered a moderately favourable association between revenue
and loyalty rate, indicating that follower engagement can, in fact, help financial growth.

The difficulties marketing managers encounter while evaluating follower loyalty and
its effect on revenue were discussed by Felix et al. [6]. They note that even while social
media provides a multitude of data, it is still difficult to gauge follower loyalty and how it
directly affects income. To handle this complexity, this article presents loyalty rate, a new
statistic that combines engagement and virality rates to offer a more comprehensive picture
of follower loyalty.

The impact of social media on brand relationships and word of mouth was examined
by Hudson et al. [4]. They concluded that a brand’s relationship with its customers can
be strengthened through good social media interactions, increasing brand loyalty and the
frequency of word-of-mouth recommendations. This view is supported by this study’s
findings, which demonstrate how important high-quality material that fosters meaningful
connections is for increasing sales and fortifying customer ties.

5.1. Theoretical Implications

By presenting the loyalty rate, a novel metric that offers a more thorough compre-
hension of follower behaviour and its influence on financial performance, this study adds
to the body of knowledge in the field of digital marketing. This statistic provides a more
thorough assessment of follower loyalty, enhancing current theories and models in digital
marketing. This study emphasises the significance of follower count while validating the
significance of conventional engagement metrics like reach, impressions, and interaction
rate. This adds to and validates current beliefs regarding the contribution of social media
use to business performance.

Loyalty rate, which combines virality and engagement rates, was introduced to pro-
vide a more comprehensive indicator of follower loyalty. The creation and validation of new
metrics that capture the complex nature of social media involvement may be encouraged
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by this theoretical advancement. This study offers a platform for further investigation
into the connection between social media indicators and financial performance, enabling
researchers to examine more factors, longer time frames, and more situations to gain a
deeper comprehension of the efficacy of digital marketing.

Additionally, this study adopted an interdisciplinary approach, integrating knowledge
from social media analysis, statistics, and marketing. This strategy might encourage other
researchers to use comparable techniques in the future, leading to a more comprehensive
comprehension of the intricate relationships between digital marketing initiatives and
corporate results. Digital marketing theory and practice can develop significantly through
the integration of new metrics and the validation of current ones.

5.2. Practical Implications

This research emphasises how crucial social media engagement measures are to
expanding businesses’ income, including the number of followers and the loyalty rate. To
boost financial success, businesses can utilise these insights to improve their social media
strategies, concentrating on increasing followers and enhancing engagement. The launch
of devotion rate, a new metric for gauging follower devotion, combines engagement and
virality rates. By identifying their most devoted followers, who share and engage with
content, this statistic can assist businesses in expanding their organic reach.

Additionally, businesses can make well-informed judgments regarding their invest-
ments in digital marketing by employing statistical analysis tools like regression models
and Pearson’s correlations. More focused and successful marketing campaigns are made
possible by an understanding of the connection between social media indicators and in-
come. To give businesses a more thorough grasp of how social media affects financial
outcomes across various platforms, this report also recommends broadening this research
to include other platforms like Facebook and LinkedIn. Digital marketing tactics that are
more cohesive and integrated may result from this.

The findings show that revenue development depends on producing high-quality
content that inspires meaningful connections. For businesses to get the most out of their
social media efforts, producing excellent, captivating content that appeals to their audience
must be their priority. You may directly boost your revenue by investing in growing your
following and concentrating on producing content that encourages significant connections.

In addition to supporting the theoretical and practical implications, these references
offer a strong basis for comprehending the context and significance of this study’s findings.
By proposing the loyalty rate and confirming the significance of conventional engage-
ment indicators, this study adds to the body of existing material while providing fresh
perspectives on how businesses may maximise their social media strategy to boost finan-
cial performance.

6. Conclusions

This study’s findings, which focus mostly on Instagram as the social network un-
der investigation, provide significant new information about how social media measures
affect a company’s revenue development. Some patterns could be found using regres-
sions, correlations, and descriptive analyses, but not all of the relationships showed high
statistical significance.

More engaged and devoted followers may help boost revenue, according to the
newly suggested indicator of loyalty rate, which showed a moderately favourable link with
revenue (r = 0.423). However, with p = 0.116, this association was not statistically significant.

Approximately 17.9% of the revenue variation was explained by the loyalty rate,
according to the regression study. This is significant but not enough to regard this metric
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as a stand-alone predictor of financial performance. The association between social media
metrics and income may be influenced by additional elements that were not examined,
according to the adjusted coefficient of determination (adjusted R? = 0.116).

Revenue was marginally impacted by other variables, including the number of fol-
lowers and interaction rate, with the number of followers exhibiting marginal significance
(p = 0.050). This implies that increasing following might have a direct impact on revenue in
addition to loyalty and virality.

Although the current study yields significant insights, it has certain limitations that
should be taken into account, such as the sample size and time period examined. This study
was conducted using data from a relatively short time period; a larger and more comprehen-
sive sample could yield more reliable and definitive results. The fact that the investigation
solely looked at income and social media data presents another drawback. However, the
analysis did not account for other factors that could have affected the outcomes, such as
economic trends, marketing techniques outside of social media, and seasonality.

The most significant constraint is the tiny amount of data collected, which prevented
the generation of highly accurate results. The current work, however, is meant to serve as a
springboard for further research that takes this novel statistic into account.

Based on the limitations identified and the results obtained, some suggestions for
future research are as follows: expanding the analysis period; conducting a longitudinal
study with data from a longer period, which would allow for a more accurate assessment
of the evolution of the metrics and their impact on revenue; performing a multichannel
analysis to investigate the impact of metrics on various social media platforms (Facebook,
LinkedlIn, etc.) to verify whether the correlation between metrics and revenue is maintained
or varies between networks, including external variables that may be integrated into the
model, such as offline marketing campaigns, seasonal events, and economic factors that
can help better explain fluctuations in revenue; and finally, refining the loyalty rate metric
to include other parameters such as the frequency of interaction per follower, which can
improve its predictive capacity. Also, to evaluate the emotional and affective component
that exists in the digital environment, additional metrics that come from the application
of algorithms and sentiment analysis may be taken into consideration in addition to the
ones that are presented in this study. These metrics are intended to measure sentiment and,
when feasible, emotion expressed in social media.
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