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Abstract

Abstract

Destination Image is a concept that has been studied for a long time in tourism research.
The question of how a destination is perceived by tourists and potential new guests is an
important insight, especially for local tourism managers, in order to evaluate the
implemented strategies and to plan further tactics.

Since the last two decades, due to a drastic digitalization, tourism research is now
increasingly examining the Destination Image online. This creates new challenges in the
selection of sources, methods, and in data collection.

The aim of the present study was to systematically capture the approach to analyze the
online Destination Image through User Generated Content using studies from the last ten
years. Therefore, a Systematic Literature Review on primary research from academic

databases was conducted.

As a summary of the findings, a conceptual model was developed, based on the insights
of the studies in the dataset, to contribute a guidance for the preparation phase of future

online Destination Image research.

In short, the main findings are: TripAdvisor.com is the main source for online Destination
Image analysis. Researchers recommend using the help of software and programming
languages to collect and analyzed the data. Equally to earlier Destination Image studies,
the main methods applied in online Destination Image analysis are quantitative content
analysis, qualitative content analysis and sentiment analysis. In combination with the
examination of cognitive and affective factors, co-occurrence analysis, and correlation

analysis.

The present study has several limitations, which are: the loss of detail information due to
reducing the studies to comparable key parameters, the absence of Anglo-American
studies, due to the database selection as well as the lack of quality testing of the studies

included.

Keywords: Online Destination Image, Systematic Literature Review, Tourism Research,

Tourist Generated Content
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Resumo

A Destination Image € um conceito que tem sido estudado ha muito tempo na
investigacao turistica. A questdo de como o destino é visto pelos turistas e pelos potenciais
novos hospedes € uma perspectiva importante, especialmente para os gestores de turismo
da regido, a fim de avaliar as estratégias implementadas e de planear novas tacticas.

Desde as ultimas duas décadas, ocorreu uma digitalizacdo drastica, a investigacao
turistica adaptou-se a este fendmeno e estd agora a estudar cada vez mais a imagem do
destino online. Esta alteracdo criou novos desafios na selec¢do de fontes, métodos, e na

recolha de dados.

O objetivo do presente trabalho foi o de captar, de forma sistemética, as abordagens
consideradas para analisar a imagem do destino online utilizando estudos dos ultimos dez
anos. Para este efeito, os estudos primarios dos anos 2010-2020 das bases de dados
académicos Web of Science, ProQuest e b-on, foram recolhidos utilizando palavras-chave

de pesquisa pré-definidas.

O grupo de artigos obtidos como resultado foram subsequentemente sujeitos a avaliacdo
de eligibilidade, como recomendado por Moher et al. (2009). Isto significa que os estudos
que ndo cumpriam os critérios pré-definidos foram excluidos. Os critérios de inclusdo
foram: O trabalho académico tinha de ser uma referéncia primaria de uma revista
cientifica, escrita em inglés e a amostra analisada tinha de ter uma origem associada a

comunicacdo nas social media online.

Posteriormente, os restantes 35 artigos foram transferidos para uma base de dados
utilizando uma matriz de codificacdo. A matriz de codificacdo foi concebida para capturar
0s parametros-chave de cada estudo primario de uma forma padronizada e, portanto,
comparavel. Foi considerada informacdo geral, como o ano, localizacdo e revista
publicada, bem como informacdo tematica especifica, como o campo do turismo
pesquisado e os meios analisados, juntamente com as categorias referentes a metodologia
considerada, as ferramentas utilizadas e os resultados obtidos. A base de dados resultante
foi entdo utilizada para obter declara¢des sobre a abordagem metodologica utilizada na

analise da imagem de destinos online.

Como resumo dos resultados, foi desenvolvido um modelo conceptual, baseado nos

conhecimentos obtidos a partir do grupo de artigos, que constituiu o conjunto de dados

Vi



Resumo

para analise, para contribuir com um guido para a fase de preparacdo de uma futura

investigacdo sobre imagem dos destinos online.

Em resumo, as principais conclusdes sdo: TripAdvisor.com é a principal fonte para a
andlise da imagem de destinos online. Os investigadores recomendam a utilizagdo da
ajuda de software e linguagens de programacio para a recolha e analise dos dados. A
semelhanca de estudos anteriores de Destination Image, os principais métodos aplicados
na analise imagem dos destinos online séo a analise quantitativa do contetdo, a analise
qualitativa do conteudo e a analise dos sentimentos. Em combinagdo com a anélise dos

fatores cognitivos e afectivos, anélise de co-ocorréncia, e anélise de correlagéo.

O presente estudo tem varias limitacdes. Que sdo: a perda de informacao detalhada devido
a reducdo dos estudos a parametros-chave comparaveis, a auséncia de estudos anglo-
americanos, devido a seleccdo do banco de dados, bem como a falta de testes de qualidade

dos estudos incluidos.

Vil
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1 Introduction

“Die beste Bildung findet ein gescheiter Mensch auf Reisen /
Traveling is the best education for a clever person”
(Goethe, 1796)

People have been traveling for centuries. Once for the purpose of trade and diplomacy
and later increasingly also as a leisure activity. Not only Goethe but also many other poets
and intellectuals like Mark Twain, Dalai Lama, and Fernando Pessoa describe the
advantages of traveling. The travel market has been growing for years (Robino, 2019).
Even distant destinations have become increasingly popular, at the latest since the
introduction of low-cost airlines (Tkachuk, 2018). The United States of America, China,
and Germany are the countries where most travelers originate from (Robino, 2019). Even
though there is currently a sharp downturn in the tourism industry, as travel has been put
on hold, due to the Corona pandemic, it is expected for tourism activity to recover again
(Sharma et al., 2020)

The reasons for leisure traveling (push factors) can vary (Correia et al., 2007). Some
people travel to find peace and relaxation, others want to experience adventures and gain
new impressions, and some want to learn new things about culture and history
(Correia et al., 2007). Accordingly, the destinations traveled to also differ to suit the
respective needs of the travelers (pull-factors) (Kim et al., 2003). This explains why the
list of the most popular destinations is so heterogeneous — some examples are London,
Bangkok, Palma de Mallorca, Marrakech, and Bali (Robino, 2019).

But how do tourists decide which destination to visit and how do they know which one
suits their desires? This is one of the key questions for marketeers in the tourism industry
and it has been intensively studied in tourism marketing research over the past 30 years
(Baloglu & McCleary, 1999; Clarke & Hassanien, 2020; Crompton, 1979; Gartner, 1986;
Tasci et al., 2007).

One possible answer is given through the concept of Destination Image, which “can be
defined as a person’s all sort of beliefs, thoughts and feelings (...) or a person’s overall
perception about a destination and it is claimed that it considerably influences tourists’
travel decision” (Guneren et al., 2019, p. 1227). Sénmez and Sirakaya (2002) claim, that

people are more likely to choose the destination they have positive thoughts and feeling
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about. Understanding that, it is quite important for destination managers and tourist
marketeers to identify the predominant image of their destination and shape it in the

desired way.

1.1 RESEARCH GAP

Nowadays the analysis of customers’ perception of the Destination Image is mainly
conducted online. In times of constant digitalization and the day-to-day use of social
media platforms, companies have the opportunity to gather opinions and attitudes towards
their products and brand online (Armstrong et al., 2014). These are easily accessible as
users publicly share their opinions, recommendations, and experiences via various online
platforms. A current market research showed that the world”s most common social media
platforms are Facebook, Youtube and WhatsApp (Chaffey, 2020). Additionally,
platforms specialized in tourism allow users to search for information about destinations

and allow tourism service providers to present themselves and their offers.

“For instance, Booking.com comprises 29 million accommodation listings in
154,000 destinations worldwide and operates in 190 countries. Similarly,
TripAdvisor reports 8.4 million accommodation listings in 156,000
destinations spread across 49 markets, with 490 unique monthly visitors that
provide more than 250 reviews and opinions per minute” (Lopez-Cordova,
2020, p. 7).

Several scientific studies have been carried out to observe the sentiments towards holiday
destinations to support destination managers. For example Alonso-Almeida et al. (2019)
carried out a content analysis on four major Chinese online travel agencies websites to
measure the attitudes of Chinese tourists towards Barcelona. Micera and Crispino (2017)
measured the sentiments toward Naples by analyzing a sample of online posts collected
by the web-based social listening platform Blogmeter (https://www.blogmeter.it/), and
Kim et al. (2017) tried to find out what negative feelings tourists have toward Paris by
conducting a sentiment analysis on posts of the travel website VirtualTourist (an online

travel guide site that does not exist anymore).

Nevertheless, at present there is no general overview drawn from previous studies on
analysis approaches for measuring the Destination Image (DI) online through User
Generated Content (UGC) (Cao et al., 2020).
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1.2 RESEARCH OBJECTIVES

Therefore, the aim of the present study is to close this research gap and provide a
systematic overview of the current situation in the research field of online DI analysis
through UGC. The specific goals are:

To identify and explore extant state of the art of online DI analysis through UGC.

To examine and provide future research avenues addressing the DI online.

1.3 RESEARCH RELEVANCE

Following the proverb “learn from the past to prepare for the future” the relevance of the
present research lies within the classification of gained knowledge into a larger context
and thus facilitating orientation for future online DI studies. Since the research field of
online DI, with an online dataset collection is still relatively new (Marine-Roig & Clavé,
2016), it can be helpful to have a unbiased systematic overview (Pickering & Byrne,
2014) of the methods used in the past to analyze DI online through UGC. As tourism
marketing researchers encourage to further investigate in the field of online DI analysis
(Mak, 2017; Marine-Roig & Ferrer-Rosell, 2018; Rahmani et al., 2019).

1.4 RESEARCH STRUCTURE

The following parts are structured in 6 sections, without considering the present
introduction. Firstly, the theoretical foundations of DI will be presented. Secondly, the
methodology applied in this study will be explained. Thirdly, the findings will be
explored. Fourthly, the results will be discussed and put into context including an outlook
for future studies. Fifthly the limitations of the research will be mentioned with

suggestions for improvement and lastly a conclusion will be drawn.
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contemporary

To get a deeper understanding of the extant theoretical framework on DI and online DI,
the following section explores its evolution and developments.

2.1 DESTINATION IMAGE

The concept of DI is one of the most widely studied topics in tourism management
(Echtner & Ritchie, 1991; Hunt, 1975; Kim, 2014; San Martin & Rodriguez del Bosque,
2008). There are several different approaches to define and measure it (Madden et al.,
2016). Dl is based on the idea of brand image (Lopes, 2011). According to Keller (1993),
brand image is the perceived attitude towards a brand and its attributes and benefits. A
destination can also be seen as a brand that intends to convey a certain image. Gunn
(1988) claims that the formation of the DI can be divided into three categories. As stated
by the author, the first category is the organic image which describes the impressions
tourists have of a particular destination without ever having visited it. This image can be
based on organic sources without any commercial intent, like the Word of mouth (WOM)
of family and friends as well as newspaper articles or television reports Gunn (1988). In
the second category, the image is supplemented by marketing efforts of tourism
authorities and travel agencies and is called induced image. The third dimension is called
complex image and is the result of the actual visit to the destination and the experiences
made there (Gunn, 1988). Other than in the first two stages, where the image is formed
externally, the complex image is formed internally through the visit experience.
Therefore, the image formed in the last phase is much more differentiated and realistic
than in the previous phases (Echtner & Ritchie, 1991). Consequently, Marine-Roig (2019)
defines the DI as the judgement an individual makes about a destination based on the
evaluation of features, available activities and possible disruptive factors. These

perceptions can be both positive and negative (Marine-Roig, 2019).

Echtner and Ritchie (1993) developed a model for DI that consists of three components.
The attribute-holistic component, the functional-psychological, and common-unique. The
intention was to show how the DI is composed of individual parts, which can be both
tangible and abstract, to form a holistic image (Echtner & Ritchie, 1993).
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One year later Gartner (1994) proposed that the DI results from an interaction of three
related parts. He termed these components cognitive, affective, and conative. Affective
and cognitive factors are known as one of the most important behavior shaping factors
(Degen, 1999). Cognitive factors control the way in which behaviors are carried out.
Cognitive stands for the reflective, the controlled, the reasoned, the rational (Degen,
1999). Typical examples are perception including judgment, information intake, learning,
and memory (Roemer, 2014). In the context of DI this refers to the knowledge and beliefs
a person has about a tourist destination (Pike & Ryan, 2004) and can be measured by the
perception of different attributes of a destination. Examples of these attributes are good
shopping facilities, warm and friendly people, safety, varied and good food (Calantone et
al., 1989), natural attractions, entertainment and events, historic attractions, travel
infrastructure (Chi & Qu, 2008), quality of general tourist atmosphere, entertainment
and recreation (Assaker, 2014). The affective DI is an emotional response of individuals
to a place (Basaran, 2016). The affective factors of human behavior can be divided into
elementary and complex activating processes (Degen, 1999). Elementary processes
include internal arousal and tension, and the basic needs of thirst, hunger, sleep, sex, and
so on (Maslow, 1943). The complex activating processes describe emotions, motivations,
attitudes, and values (Roemer, 2014). Emotion is directed inward toward the experience
of the individual. Motivation is directed toward action and attitude toward an object
(Degen, 1999). Values encompass many attitudes and thus relate to many objects and are
more binding than attitudes. Values connect the individual with his/her social
environment (Trommsdorff, 1989). Tourism and destination products are due to their
nature emotion intense (Otto & Ritchie, 1996), consequently “tourist behavior researchers
have been trying to understand in which shape and form and under which circumstances
affective states influence tourists' future behaviors and their reactions toward brand
evaluations.” (Duman et al., 2018, p. 4). To understand the affective attitudes towards a
destination, destination management researchers often count and measure sentiments
words (feelings) like pleasant, relaxing, delicious, arousing, exciting, unpleasant,
distressing, etc. (Y. R. Li et al., 2015; Mak, 2017; Marine-Roig & Ferrer-Rosell, 2018).
It is important to note that the cognitive DI significantly influences the affective DI
(Lopes, 2011). In other words, “if tourists have positive cognitive, mental or intellectual
evaluations and judgments about the destination’s attributes based on functional
component, then they may have positive feelings or strong emotions about the
destination” (Basaran, 2016, p. 173).



2 Destination Image — From a traditional approach to a contemporary

In Gartner's (1994), three-step process knowledge, and belief about a destination
(cognitive) are transformed into individual feelings and attitudes (affective), which then
add up to an overall behavior towards the destination (conative). The final dimension in
the triad, the conative DI, stands for the actions taken toward a destination, such as the
likelihood of visiting the destination (Pike & Ryan, 2004), the revisit intention (Song et
al., 2013) or a recommendation towards friends (Chen & Tsai, 2007). The conative image
results from the two previous dimensions (Basaran, 2016). According to San Martin and
Rodriguez del Bosque (2008) DI was traditionally analyzed through the cognitive
approach focusing on tourists' images toward functional aspects of destinations (Duman
et al., 2018) and only by time studies started to address the interconnections of cognitive
and affective components in DI analysis (Duman et al., 2018). However by now Gartner’s
theoretical construct from 1994 has been reproduced countless times in other studies (e.g.
Assaker, 2014; Basaran, 2016; Chen & Tsai, 2007; Song et al., 2013) and offers a tool for
empirically determining the DI.

2.2 ONLINE DESTINATION IMAGE

Since the shift of everyday life into digital space, and the increasing consumption of social
media, more and more tourists share their experiences and opinions about holiday
destinations openly on the internet (Schuckert et al., 2015). This electronic Word of
Mouth (eWOM) - meaning noncommercial reviews and opinions - in combination with
the marketing activities of the destinations, form a new information base for tourists (Lian
& Yu, 2019). The online DI can thus be defined as "the online representation of the
collective beliefs, knowledge, ideas, feelings and overall impressions of a destination”
(Mak, 2017, p. 282).

The above mentioned theories on DI can be equally applied to online DI, with the
exception that in this new information era, Tourist Generated Content about a destination
is becoming one of the most important sources for users to gather information about the
holiday region and contributes significantly to their travel planning (Lian & Yu, 2019).
This content can be spread and found on different online platforms.
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Either in blogposts from tourists on blogging sites (Marine-Roig & Clavé, 2016; Sun,
2020; Tseng et al., 2015), as comments or posts on advisor websites (Garay & Canoves,
2015; Gkritzali et al., 2018; Oliveira et al., 2019), via interaction with the destination
marketing organizations (DMQOs) on social media like Facebook or Instagram (Galvez-
Rodriguez et al., 2020; Iglesias-Sanchez et al., 2020), or as postings of pictures using
hashtags to refer to the destination (Deng & Li, 2018; Mak, 2017; Miah et al., 2017).

Depending on the platform, the contents often have a certain tonality. Moreover, since
most platforms are for a global audience, comments in all different languages appear.
This makes it easier to access information for people all over the world and give insights

which languages groups (and thus tourists) are dominant.

Given that the first two phases of DI formation (cognitive and affective) (Gartner, 1994)
are now influenced by other tourists — through online blogs, comments and photos — and
not only by traditional media and DMOs (Mak, 2017), it is crucial for tourism marketeers
to capture and correctly interpret the prevailing online DI (Lin & Huang, 2006). In
addition, it is useful for DMOs to know which attractions in their area are most values
and in which activities tourists particularly to be engaged, in order to align themselves

accordingly.

In the past, this information was often obtained in a costly and time-consuming manner
through surveys and questionnaires. "By making use of big data, a DMO could obtain
comprehensive insights on tourists’ activities, their experiences and personal reflections"
(Miah et al., 2017, p. 9). Therefore it is important to understand how online content can
be evaluated in an efficient and structured way. Schuckert et al., (2015) found that the
most common method for the analysis of online travel reviews is guantitative content
analysis. This method then was extended by the inclusion of sentiment analysis (Cao et
al., 2020; Chen et al., 2019; Kim et al., 2017, p. 20; Marine-Roig, 2019; Micera &
Crispino, 2017). In the following both methods are introduced briefly.
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2.3 QUANTITATIVE CONTENT ANALYSIS
Standardized quantitative content analysis is an empirical method that captures textual

and visual media messages, as well as formal and content-related characteristics (Rossler,
2017)

The capturing is conducted by using predefined categories and their characteristics, which
are written down in a codebook (Rdssler, 2017). Developing a codebook or category
system is the core task of content analysis. It is used to identify features from text units
which are then assigned to the characteristics of the defined categories with the help of
numerical values. Categories are comparable to the program questions of a survey. They
are the exact definition of what is to be surveyed or measured. In effect, at the end of the
category definition process, the characteristic values are determined (Brosius et al., 2009).
The data can be analyzed descriptively in the further procedure. This reduces the
complexity of the object of investigation to essential characteristics so that general

statements can be made (Rdssler, 2017).

Content analysis can be conducted manually or with the help of software. Unlike earlier
studies with smaller, hand-selected data sets, scientists today work with enormous
databases with thousands or millions of content pieces (Marine-Roig & Anton Clavé,
2016). Consequently, the focus is shifting more and more towards data selection and
preparation. The actual content analysis is then performed by a programed algorithm. The
researchers Abburu and Babu (2013) therefore proposed a three-step-framework for web
data extraction and analysis, which includes finding the URLs of webpages (web
crawling), extracting the information from webpages (information extraction) and

analyzing the data (text mining).

2.3.1 Text mining

Text mining, also called data mining, is a process for analyzing texts with the help of
algorithms (Feldman & Sanger, 2007) A software using mathematical algorithms
identifies the core information in a document. The method is often used to analyze large
volumes of documents and publications that are related to a specific context. It can be
used to prepare unstructured texts for database (Feldman & Sanger, 2007). Among other
things, the software helps to select documents, identify patterns and trends, and to test

hypotheses. Text files can also be automatically debugged, filtered, and corrected.
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Semantic techniques enable the identification of key words for the respective context
(Dickinger & Lalicic, 2016). In this way, relevant information can be extracted from large
amounts of data with little time expenditure. Text mining involves working with
unstructured data in pure text form. The content, logical structure and meaning are derived
solely from linguistic and grammatical rules. Semantic and linguistic methods must be
used to convert these into a form that can be read and evaluated by machines (Dickinger
& Lalicic, 2016). The difficulty lies in translating these methods into algorithms, which
enables programs to largely reproduce the intellectual activity of humans when reading
texts (Feldman & Sanger, 2007).

The growing prominence of Big Data makes the application of text mining essential in
many cases, since the larger the amount of data, the less human analysis is possible. An
ever-increasing proportion of user-generated content on the web, also in the context of
online DI, makes it necessary for DMOs and scientists to capture the meaning of postings
by machine. Two supporting concepts often appear in the context of data mining which

are co-occurrence analysis and clustering.

Co-occurrence analysis

“Co-occurrence analysis identifies ‘meaningful words’ based on the relative frequency of
appearance with the target term” (e.g., the analyzed destination) (Koltringer & Dickinger,
2015, p. 9). When two items co-occur, there is an association between the two entities.
This is captured by comparing all sentences and documents related to the target term with
content from the same website where the target term is not mentioned (Koltringer &
Dickinger, 2015). All paired items within a collection unit are then counted
(Buzydlowski, 2015) and the significant words are identified by a chi-square test with
Yates’ correction (Kdltringer & Dickinger, 2015). Through this technique topics can be
identified that are related to the analyzed destination. For instance, shopping, beach, or

the name of a famous museum.

Clustering
Clustering describes the grouping of data within a dataset. It is used in many scientistic
fields. In content analysis data it can be semantic clustering, which groups source artifacts

that use similar vocabulary and divides them into different topics (Kuhn et al., 2007) or

9
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geographical clustering to identify where the users are coming from or the popular areas
of interest within a city (Miah et al., 2017). In the context of text mining clustering means
programming a software to detect natural groups in data (Brownlee, 2020). Unlike
classification — which is a supervised method to group information with the help of
training data — clustering has no training data and is therefore an unsupervised method
(Koch, 2020). In the context of online DI research clustering can help researchers to
capture the most-mentioned objects and the connections between them and thereby
identify the cognitive and affective perceptions in tourist reviews (Liu et al., 2019). These
clusters could for instance show if the term beach appears in a cluster with words like sea,

enjoying, surfing or with words like overcrowded, dirty and party.

2.4 QUALITATIVE CONTENT ANALYSIS

In addition to quantitative content analysis, qualitative content analysis is also carried out
in DI research. This method originates from the scientific field of communication
research. It was developed after the method of quantitative content analysis was criticized
for being too superficial and not capturing latent content structures (Herkommer, 2012).
The basic concept of Qualitative Content Analysis according to Mayring (2004) is to
analyze texts systematically, and in that process to divide the material step by step, guided
by theory, into categories that have been developed on the material. The aim is a
summary, which represents the meaning contained in the text in so-called categories,
which in themselves are organized in a system. The resulting system of categories,
subcategories, and category definitions serves as a starting point for the interpretation of
the text (Ramsenthaler, 2013). The systematic and theory-based procedure is designed to
ensure quality criteria such as objectivity, reliability, and validity (Ramsenthaler, 2013).
The main difference between qualitative and quantitative content analysis is primarily the
evaluation. While quantitative content analysis focuses on statistical analysis by counting
frequencies, qualitative content analysis refers in its evaluation to the context from which
the categories were obtained. Thus, not only the manifest content can be captured, but
also the latent meaning structures can be incorporated (Herkommer, 2012). Qualitative
content analysis can also be supported by software. Examples for assisting software are

Atlas ti, Leximancer or NVivo.
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2.5 SENTIMENT ANALYSIS

Sentiments are groups of feelings or aggregated emotions (Liu et al., 2019). They are
developed in a thoughtful socialized manner and not only out of pure instinctive emotions
and tend to last longer (Munezero et al., 2014; Yu & Zhang, 2020). Identifying sentiments
in vast amounts of unstructured content (e.g. user generated online content) is called
sentiment analysis or opinion mining (Yu & Zhang, 2020). In travel and destination
research sentiment analysis can be conducted to detect travelers’ perceptions about
holiday regions and thereby understand the strengths and weaknesses of this destination
(Toral et al., 2018).

“Two approaches are widely used in sentiment analysis: machine learning and lexicon-
based semantic orientation. Most studies used the machine-learning approach, owing to
its high performance” (Ren & Hong, 2017, p. 2). The machine or better put computer
program learns to classify with training data and then analyses the test data based on the
previously built classifier (Ren & Hong, 2017). For this process a huge amount of content
is needed to initially train the program (Alaei et al., 2019). “Machine learning algorithms
reduce this high-dimensional feature space with the help of feature selection techniques
which selects only important features by eliminating the noisy and irrelevant features”
(Agarwal & Mittal, 2016, p. 1). In research fields which lack of sizeable training corpus
scientist can make use of existing sentiment lexica to identify and categorize sentiments
(Khoo & Johnkhan, 2018). These dictionaries can be created by humans, by machine or
semiautomatically, meaning a combination of human and machine input (Alaei et al.,
2019). The evaluation can also be done either mechanically as e.g. Gkritzali et al. (2018)
do in their study on sentiments towards Athens, using the SentiStrength software
(Thelwall et al., 2012) or manually like e.g. Hu et al. (2014) do in their study coding

sentiments in text topics by hand.

Sentiment classification (Liu, 2015) meaning the grouping of text documents according
to their sentiment classes (e.g. positive, negative, neutral) was conducted on three
different levels in research of the past years (Ren & Hong, 2017). These are content
analysis (Ariyasriwatana & Quiroga, 2016; Hu et al., 2014; Marine-Roig & Claveé, 2016),
document-based sentiment analysis (Behdenna et al., 2018; Bucur, 2015), and topic-
based sentiment analysis (Ficamos & Liu, 2016; Ren & Hong, 2017). As stated by Ren

& Hong, (2017) all three techniques have advantages and disadvantages.
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3 Methodology

This study conducts a systematic domain-based structured review based on the
recommendations of Pickering and Byrne (2014).

Systematic Literature Review (SLR) is “a scientific form of secondary research that relies
on reproducible methods and procedures to identify, select, and appraise prior studies in
response to a research agenda” (Lim et al., 2021, p. 536). SLRs are capable to provide a
number of “critical discussions on a specific research theme by integrating extant
literature, synthesizing prior studies, identifying knowledge gaps, and developing new
theoretical frameworks” (Paul & Criado, 2020, p. 1). This particular style of literature
review originates from the field of medicine (Bem, 1995; Tranfield et al., 2003) and was
quickly adopted in all areas of science (Tranfield et al., 2003). Since then, it has been a
frequently used method to obtain an overview of previously gathered knowledge and
findings (Carter et al., 2015; Donnelly & Manolova, 2020; Nielsen et al., 2017). Authors
like Fisch and Block (2018); Moher et al. (2009) and Pickering and Byrne (2014)

provided recommendations and guidelines for conducting SLRs.

As stated by Tranfield et al. (2003) the advantages of SLR are that they are systematic,
transparent, and reproducible in contrast to conventional literature reviews, which often
lack thoroughness and rigor and are potentially biased by the researcher (Tranfield et al.,
2003). In a systematic literature analysis, the criteria for the selection of literature are
defined after a first fundamental review of the state of research. The selection of the
literature is then based on the previously defined criteria.

Based on the recommendations of Pickering and Byrne (2014) a five-step process (which

is presented in Figure 1) was applied to collect the relevant research contributions.
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Figure 1: FLOWCHART OF SLR PROCESS
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Definition of the topic
and research questions

Step 2
Selection of Database
and Keywords
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Step 3
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selection
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v

‘ Step §
> Assessment of the
database

Source: own elaboration based on Pickering and Byrne (2014).

Step 1: Definition of the topic and research questions

First, a general review of the literature on online DI took place. The aim of this first
literature review was to get an overview of the subject of DI and to elaborate a research
topic and research questions. Furthermore, as suggested by Pickering and Byrne (2014),
terms used in the research papers to describe DI were extracted in order to find the
appropriate research keywords. From the finding in the general overview, described in

the foundations section the defined research topic for this paper was:

“What are the existing theoretical frameworks on online DI research through UGC and
which methods were used in the past in this tourism research field?”

In effect the questions aimed to be answered are:

1)  When/were/for which purpose were the analyses of online

DI conducted?

2)  Which media/ online platform were analyzed and in which

language?
3)  What was the size of the sample and how was it chosen?

4)  Which methods / technologies to analyze the DI online were

used and what are their advantages / disadvantages?

5) What were the outcomes of the studies and which

recommendation for future DI studies were given?

13



3 Methodology

Step 2: Selection of Database and Keywords

As a next step a data source from which the academic papers will be retrieved must be
defined. To make the study reproducible it is useful to choose one or many academic
databases for the data collection. There are plenty of academic databases for different
scientific fields. Yang et al. (2017) stated that the seven major databases for tourism
research are: Web of Science, ProQuest, EBSCO Host (Hospitality and Tourism
Complete), Science Direct, Emerald, Scopus, and Sage. Moreover, Yang et al. (2017)
found that prior tourism research reviews (e.g., Figueroa-Domecq, 2015; Mair et al.,

2014) mainly used a combination of two or three out of these seven academic databases.

In the present paper the literature search was conducted utilizing three databases, namely:
Web of Science, ProQuest and b-on (a Portuguese online knowledge library with over
16,750 scientific international publications from 16 publishers (b-on, 2020)), as they are
the leading international database for tourism publications (Figueroa-Domecq, 2015), the
largest, multidisciplinary, full-text database (Palmer, 2020) and a database with focus on

the Iberian Peninsula.

To identify all relevant articles for the defined research topic in the databases and to
ensure a reproducible literature review search keywords were defined. The aim of
keywords is to “identify as much of the relevant literature as possible, but not extend too
far into less-pertinent fields” (Pickering & Byrne, 2014, p. 543). The definition of the
keywords resulted from the first general literature review on online DI.

All terms that are used in research papers to describe DI and its capture by mood analyses
were identified, and thus the following search keywords were chosen: “DESTINATION
IMAGE” linked with the Boolean operator “AND” to “SENTIMENT ANALYSIS” / “OPINION
MINING” / “EwWOM” as they often appear in keywords and abstracts of the relevant articles
(Cao et al., 2020; Marine-Roig, 2019; Tseng et al., 2015).

Although the following SLR will focus on online DI it was chosen to name the keyword
“DESTINATION IMAGE”, since the online DI can be seen as a amplification of the DI into
the virtual world (Choi et al., 2007; Gonzélez-Rodriguez et al., 2016; Marine-Roig, 2017).
It was found that choosing “ONLINE DESTINATION IMAGE” as a keyword would narrow the
search results too much from the beginning. The other three keywords were chosen since
the process of detecting moods in online UGC towards a destination can be achieved by

sentiment analysis (Ren & Hong, 2017), opinion mining (Chiu et al., 2015) or other forms
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of the electronic word of mouth (eWOM) analysis (Gonzélez-Rodriguez et al., 2016). The
electronic databases were scoured for articles whose titles and / or abstracts contained the
keyword “DESTINATION IMAGE” in combination with at least one of the other three

keywords in the full text.

Step 3: Narrowing the selection

In August 2020, the search for the above listed keywords in all three databases produced
224 records. After exporting them to the research software Zotero (reference management
software for bibliographic data and other research materials), the duplicates were sorted
out and 146 articles remained. The remaining items were screened and checked using a
specific selection criteria (Lim et al., 2021; Pickering & Byrne, 2014). Following the style
of previous SLRs (Vada et al., 2020; Watson et al., 2018) a set of inclusion and exclusion

criteria (Table 1) was determined to minimize potential bias.

Table 1: LITERATURE SELECTION CRITERIA

Inclusion criteria Exclusion criteria

From scientific journal Book, book chapter, conference
proceedings, editorial, research note

Written in English Written in other languages.
Primary source Secondary source

Analyzed sample within the research must  Samples within the research only
be from an open online source from questionnaires or personal

interviews

Articles older than 2010

Source: own elaboration

To guarantee a selection of relevant and methodologically stringent literature, only
articles from scientific journals were considered (Lim et al., 2021; Vada et al., 2020;
Watson et al., 2018). The aim of this literature review is to get more insights on the
methodology used in online DI research, with a clear focus on the methodology of using
existing UGC. Therefore, only papers were included that collected their dataset from open
online sources (e.g., Facebook, TripAdvisor, Travel Blogs). and studies which gathered

their data only from questionnaires or personal interviews were excluded.
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To be consistent with other SLRs (Belarmino & Koh, 2020; Vada et al., 2020; Watson et
al., 2018), it was chosen to include only research papers written in English, since too
much relevant information could be missed when translating. Aligned with Marine-Roig
and Claveé (2016) it was decided to exclude research that focus on one specific event or
aspect of the destination. Since the interest of the present study is the online DI as a whole,
research was only included when it focusses on at least two destination aspects.

The period for this dataset was set at 10 years, from 2010 to 2020, which is shorter than
other literature reviews on DI (e.g. Li et al. (2015) or Picazo et al. (2019), who have
chosen 20 years), but since the objective is to provide the state of the art on the subject,
the more recent the literature, the better. The founding of Airbnb (airbnb.com) in 2008
and Instagram (instagram.com) in 2010, followed by other social media on the internet,
continuously influenced online DI and tourism marketing (Lim et al., 2021) as the amount
of UGC continues to expand (accommaodation ads on Airbnb expanded from 0,12 million
in 2011 to 7 million in 2019 (airbnb.com, 2021)).

Figure 2: PRISMA FLOWCHART OF ARTICLE SELECTION PROCESS

Identification criteria:
* Source type: Journal article.

: : : » Search engine: Web of Science, ProQuest, b-on.
Identification { Articles identified through

. _ *  Search Period 2010-2020.
database searching (n=224) »  Search keywords: Destination image AND

[ Y

sentiment analvsis | opinion mining [ eWOM
Y = .
Articles retained after Screened.and excluded (n=60):
. . ] o| * Duplicates
Screening screening search resulis > .
*  Not fitting the goal
(n=164)
Eligibility assessed and excluded (n=132)
_ A »  Non-English articles
o Articles retained after . An;_llysis of questionnaires or interviews and not of
E].lglblllty R > online content
eligibility assessment (n=32) »  Articles on specific hotels or restaurants and not on

destinations
Articles older than 2010

Included through snowball system (n=3)

A

Articles included in the
Inclusion review for content analysis

(n=35)

Source: Adapted from Moher et al. (2009) and Lim et al. (2021)
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For the transparent reporting of the inclusion and exclusion process of research in the
database, the help of PRISMA Flowchart (Preferred Reporting Items for Systematic
Reviews and Meta-Analyses) was used. This four-phase flow diagram was developed in
the medical sector and is nowadays widely used in SLR of all academic fields (Liberati
et al., 2009). From all articles considered, 132 articles were excluded in the eligibility
assessment (Moher et al., 2009) as they do not meet the above listed criteria (Fig. 2).

Examples for subsequently excluded articles are:

Jalilvand and Heidari (2017) Comparing face-to-face and electronic word-of-
mouth in destination image formation, as in this study the analyzed dataset was

based on a survey and not on UGC.

Kirilenko and Stepchenkova (2017) Sochi 2014 Olympics on Twitter:
Perspectives of hosts and guests, as the objective of this study is to find out the

sentiment towards the event and not the destination.

Additional three papers were detected from cross-referencing and snowballing from the
before identified articles as suggested by Pickering and Byrne (2014) and added to the 32

remaining articles. Which makes a total of 35 articles that are included in the review.

Step 4: Structure and fill the database

For analyzing the content of the papers and getting it structured a database was created,
based on recommendations from Pickering and Byrne (2014). The coding matrix
developed in November 2020 was designed to capture the key parameters of each primary
study in a standardized and thus comparable manner. It contains general information like
the year, location and journal published in, as well as thematically specific information
as the researched tourism field and the analyzed media, together with categories on

methodology and results.

At first, six papers were entered in the database as a testing of the categories (Pickering
& Byrne, 2014). The testing showed that an addition of the category “THEORETICAL OR
PRACTICAL ADVICE” is useful for the further analysis. A great challenge was to record the
central findings as uniformly as possible, since the range of measurement instruments and
statistical methods used in the original studies was extremely heterogeneous.

Subsequently all 35 articles were entered into the database.
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Step 5: Assessment of the database

As advised by Pickering and Byrne (2014) the last step is a careful evaluation of the filled
database, including a counting and grouping of the results, to understand which methods,
findings, etc. are the most important. This helps to describe the overall picture resulting
from the research. At the same time the “results need to be related back to the overall
topic and the original research questions” (Pickering & Byrne, 2014). In order to obtain
an overall picture of the results in the database, the entries first were examined and filtered
under various aspects. This made it possible to draw more general conclusions about the

temporal and local distribution of the studies and research fields.

The database then was subdivided into smaller summary tables, to gain deeper insights
into the methods used, the supporting software, and the outcomes and findings. These
smaller summary tables were first described and analyzed individually before being
correlated in the final step to obtain an aggregated picture. This helps to draw conclusions
about the methods and results and supports a more comprehensive analysis of the topic.

The assembled database is attached in the Appendix 1.
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4 Findings

After conducting a SLR on research performed in online DI analysis, utilizing the three
academic databases Web of Science, ProQuest and b-on, as well as a collection of papers
through the snowball system, 35 empirical research articles from 22 different journals
published between 2010 and 2020 were identified as relevant.

4.1 DESCRIPTIVE ANALYSIS

The results of the database consisting of 35 papers contains at least one article per year
(Fig.3). Most articles on Online DI were published in the years 2019 and 2017 (seven
each) followed by 2018 and 2015 (five each). Which makes a total of 77% of the articles
in the years 2015-2020 and indicates the topicality of the subject and the still young field
of research.

Figure 3: NUMBER OF PAPERS PUBLISHED PER YEAR

7 7
5 5
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2 2
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Years

Number of Articles

Source: Own elaboration

The database includes research papers retrieved from 22 different scientific journals. As
shown in Figure 4, Tourism Management published five (23%) of the analyzed articles
and Sustainability four (18%), which makes them the main journals on this topic.

While most (73%) journals are related to Tourism, Travel, and Hospitality, six journals
in the data set are from other scientific fields such as Technology, Social Science,
Communication Science and Business Management.
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Figure 4: JOURNALS THAT PUBLISHED THE COLLECTED PAPERS
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Source: Own elaboration

The researchers who published most articles in the given period from 2010 till 2020 are
Estela Marine-Roig, with five publications (14%) in the years 2016-2019, followed by
Luis Garay, who published three articles (9%) in 2015, 2017 and 2019, and Yi Lui with
three publications in 2019.

Regions and Languages
The research papers included in the database explored the online DI in Africa, America,
Asia, Australia, and Europe (Fig. 5), with a clear dominance of destinations in Europe

with 17 articles (49%) and an absence of destinations in South America.

The countries which DI researchers explored mostly are Spain and China, with seven
papers (20%) for each country. Studies in Europe mainly focus on cities such as
Barcelona, Vienna, and Paris, whereas studies from other continents take a broader look
on whole regions (e.g., East Taiwan or Zanzibar Island). As mentioned in the
methodology part the included studies had to analyze at least two tourism aspects. The
analyzed tourism aspects within the destinations are quite heterogenous. While 29% of
the studies took a closer look on city and culture among other aspects, 22% considered
restaurants in their DI. From the 35 papers in the database 19% took hotels into account
when analyzing the DI and 16% the aspect of beach and relaxation tourism. Besides sports
(considered by 13% of the studies) other additionally examined topics were shopping,

nature, infrastructure, and transportation, such as safety and people.
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Six of the 35 research papers explicitly focus on the online DI perceived by Chinese
tourists. For instance Listen to the voices from home: An analysis of Chinese tourists’
sentiments regarding Australian destinations (Liu et al., 2019) or Online representation
of Switzerland as a tourism destination: An exploratory research on a Chinese

microblogging platform (Hu et al., 2014).

In the distribution of languages from UGC content analyzed Chinese is also strongly
represented. 44% of the studies considered online content in English and 28% explored
Chinese comments and blogs. Only one study each (3%) focused exclusively on Spanish

and Italian comments.

Figure 5: DESTINATIONS STUDIED DIVIDED BY CONTINENT

(17
O

Source: Own elaboration

Analyzed Media

Regarding the media source the most prominent were found to be Advisor Websites,
which are used as the sample content in 26 studies (74%). From these 26, 14 academic
papers analyzed content retrieved from TripAdvisor.com which makes this website the
most popular content source for DI studies. 19 studies (54%) used Travelblogs to gather
content, especially from the blog-websites TravelBlog.org and TravelPod.com. Only four
studies (11%) collected their content from Twitter and even less from Facebook (9%),
Instagram and YouTube (two (6%) each and only in combination with other online

sources from social listening platforms).
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The approach of media source choice differs from study to study. The main reason for
researchers to choose TripAdvisor is the size and the worldwide leading status of the
website (Gkritzali et al., 2018; Marine-Roig, 2019; Oliveira et al., 2019; Van der Zee &
Bertocchi, 2018). In her study 2017 Marine-Roig, even applied a “weighted formula of
aggregations of rankings”(Marine-Roig, 2017, p. 7), to verify that TripAdvisor is the
leading tourism website in terms of visibility, popularity, and size. Another popular
website for analysis was Ctrip.com, a Chinese tourist review website and provider of
travel services. This website was mainly chosen when analyzing Chinese Tourists, since
it is one of the biggest tourism websites in China (Ren & Hong, 2017; Sun, 2020).
Researchers who have chosen travel blogs as a source point to the holistic perspective
that this medium brings. Users can post texts as well as pictures and videos on the topics
of their choice (Mak, 2017; Rahmani et al., 2019; Tseng et al., 2015).

The ratio of studies that selected only one media source to studies with multiple media
sources is very balanced (17 to 18). Govers (2012) and Micera and Crispino (2017)
decided to include all types of social and online media. With the help of so-called social
listening tools (in this cases Radian6 and Blogmeter) the researchers crawled the entire
internet for their defined keywords. The collected data is then grouped and analyzed by
the tool. Researchers who have analyzed only one social media platform claim this
approach as one of their major limitations, especially when the analyzed media is not
TripAdvisor (Buultjens et al., 2013; Garay, 2019; Garay & Morales Pérez, 2017). But
even some researchers that have used TripAdvisor as the only source of their research,
claim that a comparison between more than one platform would be useful (Marine-Roig,
2019; Van der Zee & Bertocchi, 2018).

4.2 THEORETICAL ANALYSIS

Among the theory-driven findings, the following commonalities can be identified: UGC
clearly differs from other sources — e.g. surveys or media reports — in determining DI
(Buultjens et al., 2013; Dickinger & Lalicic, 2016; Garay & Canoves, 2015; Koltringer
& Dickinger, 2015; Marine-Roig & Ferrer-Rosell, 2018). According to Kdoltringer's and
Dickinger’s (2015) findings, UGC are the more diverse and richer source in identifying
D1. Especially in distinguishing emotion-based experiences, statements from UGC differs

significantly from those from surveys (Dickinger & Lalicic, 2016).
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In addition, not only does the UGC contrasts to other media sources but also there are
variations within the UGC which should be kept in mind. The results of Liu et al. (2019)
show that Chinese tourists' perceptions and preferences differ from those from other
international tourists, and Jani and Hwang (2011) found that the DI of tourists who have
already visited the destination is different from those who have not yet been there.
Marine-Roig and Ferrer-Rosell (2018) are concluding from their findings that perceived
DI differs strongly from projected DI. Therefore, Tseng et al. (2015) advise to separate

the DI from the writers of posts form the DI of the readers.

Moreover, in their findings the researchers provide several frameworks and guidelines for
future studies on DI. Marine-Roig and Anton Clavé (2016) propose a detailed model for
content analysis of large amount of data, with significant insights concerning both the
cognitive and the affective components of DI. In her study three years later Marine-Roig
(2019) present an initial integrated framework for analytics on tourists DIs from a massive
amount of UGC. Another framework was presented by Ren and Hong (2017) for the
efficient use of Latent Dirichlet Allocation model (a statistical approach for topic

modeling). The framework includes word-topic and document-topic matrix.

Miah et al. (2017) developed an IT artefact in the form of a general method for generating
meaningful information and predictive insights from geotagged photos. In the same year
Marine-Roig (2017) presented and applied a method design to measure the perceived and
transmitted DI from online travel reviews presented in search engines. Focusing on
negative sentiments towards a destination Kim et al. (2017) developed a hybrid method
model, including the analysis of travelers’ online review data by employing both
sentiment analysis methods for identification of potential problems and co-occurrence
analysis for solution suggestion. As stated before, in many cases researchers found a gap
between perceived and projected DI. Therefore, Marine-Roig and Ferrer-Rosell (2018)
established a methodology to asses these tourists DI gaps in relation with the DI

components.
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Categorization

Regarding the categories to analyze DI many study used established destination attributes,
such as Sights, Activity, Accommodation, Environment, Infrastructure, just to name a
few (Jani & Hwang, 2011; Kaoltringer & Dickinger, 2015). At the same time some
researchers developed new categories suitable for their destinations analyzed. These are
travel phenomena & stories, willingness to go, effective official communication, link
sharing in the case of Hu et al. (2014) analysis of the Chinese DI of Switzerland. Marine-
Roig and Claveé (2016) developed eight categories of attraction factors for the region of
Catalonia, namely: food and wine, intangible heritage, leisure and recreation, nature and
active tourism, sports, sun, sea and sand, tangible heritage, and urban environment. Just
like Gkritzali et al. (2018), who created five DI categories to measure the DI of Athens
after the crisis, which are: safe environment, hospitable environment, general mood and

atmosphere, relaxing effect, and authenticity of experience.

Timeframe and sample size

There are significant differences in sizes and time span of the collected samples. Marine-
Roig and Anton Clavé (2016) chose the longest time span for their data collection with
eleven years, followed by Deng and Li (2018) and Gkritzali et al. (2018) with ten years
each. Other researchers such as Micera and Crispino (2017) and Law and Cheung (2010)
considered a much shorter time span of only four months for the collection of data.
Depending on the time span chosen, a current snapshot of the DI is taken or a development

over the years, including events and political changes is observed.

The amount of TripAdvisor reviews analyzed varies from 472 reviews (Oliveira et al.,
2019) up to over 300,000 reviews (Marine-Roig, 2019; Marine-Roig & Ferrer-Rosell,
2018; Van der Zee & Bertocchi, 2018). The span of the number of analyzed photos is also
quite large and rises over time; from just under 2,000 photos in the smallest sample
(together with textual analysis) (Mak, 2017) over about 21,000 photos on Flickr (Deng &
Li, 2018) up to a little over 238,000 photos (pure photo metadata analysis) (Miah et al.,
2017).

Again, the researchers used different approaches to generate their samples. While some
downloaded all available posts on the selected destination in the specified time period

(Marine-Roig, 2019), or used a web crawler with the specification of a certain sight as
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search criterion (e.g. Van der Zee and Bertocchi, (2018): search criterion Antwerp Train
station), others additionally considered certain aspects in their pre-selection, such as
seasonality (Garay, 2019) or the rating on TripAdvisor (Dickinger & Lalicic, 2016). From
the researchers who chose Travel Blogs as a media source, some made the selection of
individual posts with the help of search engines. For instance Hu et al. (2014) used the
selected destination as search keyword in a search engine (in this case Sina Weibo) and

then included all posts from Travel Blog pages in the fitting timeframe in their dataset.

4.3 METHODS

The main methods applied in the analyzed studies were quantitative content analysis,
qualitative content analysis, and sentiment analysis. This equals the approaches of earlier
DI studies. However, 29 of the analyzed studies (83%) used a combination of at least two
methods, to gain insights on the online DI. While the quantitative analysis mainly went
along with sentiment analysis and the examination of cognitive and affective factors,
sentiment analysis as a main method was mainly accompanied with co-occurrence

analysis.

Due to the vast amount of online data available, it is becoming more common among
researchers to use the help of software and programming languages for data collection
and analysis. As such 27 (77%) of the 35 studies in the dataset claim to have used the

help of these tools, which are listed in Table 2.
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Table 2: SUPPORTING TOOLS FOR DATA COLLECTION AND ANALYSIS (PART 1)

Technology /

Programme Purpose Researchers Year
Atlas ti Qualitative content analysis Sun et al. 2015
Bazhuayu Website crawler for data collection Ren & Hong 2017

Web-based social listening tool for data .
. ; . . Micera &
Blogmeter collection and clustering over all social media L 2017
Crispino
channels
CAQDAS Computer-assisted qualitative data analysis Sun et al. 2015
software
CATA Software Computer-aided text analysis Garay & Canoves 2015
CATPAC Il software  Textual content analysis Mak 2017
GATE (General
Architecture for Text  Text processing Miah et al 2017
Engineering)
Alonso-Almeida 2019
Gephi Clustering and co-occurrence analysis etal.
Liu et al. 2019
Kimono (web-based  Finding reviews on Antwerp and match themto  Van der Zee &

. . - 2018
scraping software) user profiles Bertocchi
Language Detection Detecting the language of the blog entries Manpe-ng & 2016
program Clavé

) o Oliveira et al. 2019
Leximancer software  Text mining
Tseng et al. 2015
Linguistic inquiry and word count, to separate Alonso-Almeida et
LIWC reviews into a set of words al.
Liu et al. 2019
Ncapture® Nvivo add-on tool for capturing and structuring
tweets (Twitter) Garay 2019
NVivo Software Visual content analysis and mise en scene
analysis Mak 2017
sun 2020
Data collection / word segmentation and part-of-
speech tagging / visualization of the word 2019
Python frequency / to calculate the score of positive and ~ Chen etal.
negative tourism emotions / co-occurrence
analysis
Y Kim et al. 2017
Radian6 Social listening tool for data collection and Govers 2012

clustering over all social media channels
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Table 2: SUPPORTING TOOLS FOR DATA COLLECTION AND ANALYSIS (PART 2)

Technology /

Programme Purpose Researchers Year
SAS (Enterprise
) ) Text topic modeling Rahmani et al. 2019
Miner Workstation)
SentiStrength software Sentiment analysis Gkritzali et al. 2018
SentiWordNet Measuring the sentiment values of adjectives Deng & Li 2018
Site Content Analyzer DA
Conducting keyword count Marine-Roig & 2017
software Clavé
Stanford sentiment ) ) ) 2017
. Sentiment analysis Kim et al.
analysis tool
SURF (Speeded-Up
Feature descriptor for photo content Miah et al 2017
Robust Features)
TDIV programme Tourist DI visualization Cao etal. 2020
Text STAT software  Calculating word frequencies Jani & Hwang 2011
ThoughtView 3D perceptual maps for the TGC and the NTO 1. 2017
software datasets
UCINET Conducting the social network analysis and Van der Zee & 2018
visualization Bertocchi
UltraEdit Extracting meta data Marine-Roig 2017
webLyzard crawling e
Data collection Kgltr.lnger & 2015
agent Dickinger

Source: own elaboration
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The tool Python was used in four studies (11%) for the analysis of TripAdvisor, Flickr,
virtualtourist.com (an online travel guide site that does not exist anymore) and several
Chinese tourism websites. Python is a programming language developed in the 90s, which
enjoys great popularity due to its ease of learning. Programming languages are formal
languages with which computing rules can be defined. These rules then can be executed
by a computer. Python can be extended by special plug-ins and add-ons and thus obtains
a multitude of application possibilities (Augsten, 2019). In the reviewed literature it was
found to be used to crawl the reviews and comments, for co-occurrence analysis, for
visualization of word frequencies in word clouds and to calculate the score of positive
and negative tourist emotions (Chen et al., 2019; Deng & Li, 2018; Kim et al., 2017; Sun,
2020).

Oliveira et al. (2019) and Tseng et al. (2015) use the help of Leximancer software for
mining of their data. Leximancer is a software, which identifies concepts in textual data
and then visualize them in concept maps, to have the key ideas at a glance. Unlike other
content analysis software Leximancer is working with its own algorithms for identifying
the main ideas within passages, instead of applying term coding or word frequency count
(Tseng et al., 2015).

Garay (2019) and Garay and Morales Pérez (2019), who analyzed the DI of Spain via
Twitter, uses the NVivo software, more precisely NCapture, to mine Twitter posts. NVivo
is a software which helps researchers to find and organize unstructured non-numerical
data. The web-browser extension NCapture helps to collect web content and import it to
NVivo. It captures the data as PDF or as data sets, which enables the researcher not only
textual data but also photo and video content from social media (NCapture, n.d.). NVivo
software was also used by Mak (2017) for a visual content analysis and a mise en scene

analysis on travelblogs.

Another tool is Gephi, which was used for data collection and analysis by Alonso-
Almeida et al. (2019) and Liu et al. (2019). Gephi is a network analysis and visualization
software, that is applied in science and journalism (Gephi - The Open Graph Viz Platform,
n.d.). In the mentioned researches the software has helped to collect the most frequent
words in reviews and to build a cluster network through co-occurrence analysis (Alonso-
Almeida et al., 2019; Liu et al., 2019). The results are then visualized by Gephi as a

clustered network as presented in Figure 6. Similar to the visualization in Leximancer,
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the idea is to present the concepts and topics found in one picture. With nodes in different
sizes for frequency and importance as well as connecting lines and colors for the inter-

connection of topics (see Fig. 6).

Figure 6: SENTIMENTS IMAGE OF CHINESE TOURISTS' REVIEWS GENERATED BY GEPHI
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Some researchers using text analysis tools pointed out that these tools were designed for
English texts only and therefore the analysis had to be limited to articles and reviews in
English (Jani & Hwang, 2011; Kim et al., 2017; Mak, 2017; Tseng et al., 2015).
Researchers who have not used any software for data collection and content analysis often
describe the potential personal bias when coding and categorizing the data as a limitation
of their work (Alrawadieh et al., 2018; Buultjens et al., 2013; Hu et al., 2014; Leung et
al., 2010).

4.4 ONLINE DI STUDIES KNOWLEDGE GAPS

The analyzed authors present several limitations they faced in their research as well as

gaps which they found in the research field, which need to be closed in the future.

In general, the recommendations are to include as many sources, methods, DI aspects, as
possible. Which is often a question of resources. For instance, Gkritzali et al. (2018) note

that they did not consider cognitive components in their study but only focus on affective
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components, since their goal was to get a deeper understanding of the affective motives.
Nevertheless, they are recommending future researchers not to follow their path but to

consider all DI components in the research process, as it provides more holistic insights.

Marine-Roig and Ferrer-Rosell (2018) recommend to future researchers to incorporate
the aspect of familiarity in their research by distinguishing between first-time visitors and

repeat visitors.

Hu et al. (2014) see their limitations in the amount of analyzed sources and a relatively
small range of keywords used. As their dataset only considered microblog textposts from
Sina Weibo and they suppose that other keywords might have provided other relevant
data. For future researchers they recommend applying other additional methods, e.g.,
questionnaires, for further interpretation of the results. Similar to this Tseng et al. (2015)
recommend a mixed method approach for future researchers. Moreover, they see a need
in clarifying the differences in between the DI and the Country Image of Mainland China
as well as in a comparison of the DIs from short-haul and long-haul international tourists

and different cultural groups.

A knowledge gap in online DI research was found by Rahmani et al. (2019) concerning
common memory and the formation of an objective DI. The researchers state that
therefore a large group of tourism researchers would need to explore large-scale

qualitative data.

Moreover, Garay and Canoves (2015) show the need to further analyze the characteristics
of the different social media platforms to better interpretate the findings. This includes
the actors, the behavior patterns, and the components of the specific platforms, as they

can vary significantly.
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5 Discussion and Future Research Agenda

The main objective of this study was to extract and cluster findings for future research on
DI. Therefore 35 research papers on online DI published between 2010 and 2020 were

analyzed.

5.1 PAST AND PRESENT

It was found that the journals which published the most articles on this topic are Tourism
Management and Sustainability MDPI. The main authors in the field of online DI analysis
through UGC in the years between 2010 and 2020 are Estrela Marine-Roig, Luis Garay
and Yi Liu. Europe and Asia were the two continents where most researchers lied focus
on. Within Europe the DI online of Spain was the most analyzed and within Asia the DI
of China. The small number of research contributions on America is most likely due to
the databases used in this study, which are Web of Science, ProQuest and b-on. Looking
at the tourists, it becomes apparent that in the last decade a main focus in research was on
Chinese travelers. Which is understandable, having in mind that China is the nation

sending out the second largest number of tourists in the world.

Within Europe mainly Metropoles like Barcelona, Paris or Vienna where analyzed, in

conclusion the main tourism aspect studied in the last decade are City and Culture.

To gather the UGC for online DI analysis advisor websites and travel blogs are the most
common sources. The rating platform TripAdvisor is by far the most popular website
among tourism scientists to collect data for an online DI analysis. Concerning the time
span and size of the analyzed sample no clear trends could be identified. The time span
for sample collection varies from four months to ten years and the sample size varies from
less than 500 up to over 300,000 UGC items. Probable reasons for this large spread could
be the number of available comments or reviews and the way of collection. Since some
destinations are less more popular than others and therefore the amount of available
content online is smaller. As well as researchers collecting the data manually have less
capacities that researchers collecting the data with the help of software. Therefore, the
usage of software as a support for online DI becomes increasingly popular. The SLR
analysis showed that since 2017 most researchers are incorporating software support in
their research, for instance for data collection, word count, data clustering and sentiment

analysis. The main methods applied for analyzing online DI through UGC are quantitative
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content analysis, qualitative content analysis and sentiment analysis. In combination with
the examination of cognitive and affective factors, co-occurrence analysis, and correlation

analysis. This is similar to the methodological approach of former studies of DI.

Among the analyzed studies different emphases can be seen in the descriptions of the
results. While some studies present their findings in a very practical and application-
oriented way, applicable for destination managers of the region, other studies focus on
theory-driven findings, which include more general insights for tourism research. For
example, Garay (2019) provides tips for future DI studies by recommending creating
stakeholder profiles, breaking down attributes into cognitive and affective, and
considering seasonality when determining DI. On the other hand, Alonso-Almeida et al.
(2019) specifically focus on Barcelona when describing their findings, in which they
explain the behavior of Chinese tourists in the city as well as the positive and negative
aspects about Barcelona from a Chinese perspective.

5.2 FUTURE RESEARCH AGENDA

In the following recommendations that were given in the studies are presented in clusters.

Micera and Crispino (2017) state that it is crucial to prior develop a strategic reflection
on goals, objectives, and expected results. Due to the immense amounts of data available
and the many possibilities of analysis tools, a clear roadmap is indispensable in order not
to get lost in the data volume. The following studies present models that can serve as a

guide for the general approach and the development of the strategy:

Marine-Roig and Clavé, (2016) A detailed method for destination image
analysis using user-generated content. The researchers describe in a
detailed way each step of online DI analysis with a HTML dataset by

conducting an analysis of Catalonia with large amount of UGC.

Kim et al. (2017) What makes tourists feel negatively about tourism
destinations? Application of hybrid text mining methodology to smart
destination management. Short overview of the research process of UGC
analysis on destination hospitality services. Conduction of a post-hoc co-
occurrence analysis, for a deeper understanding of the reasons of negative

feelings of tourists.
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Marine-Roig (2019) Destination Image Analytics Through Traveller-
Generated Content. Holistic view on DI analysis provided with a model to
measure tourist DIs including aspects of sustainability, satisfaction, and

loyalty of visitors.

For sentiment analysis, the authors of several studies advise to examine the texts to be
analyzed not as a whole, but to divide it into topics and then conduct a sentiment analysis
for the individual topics (Hu et al., 2014; Rahmani et al., 2019; Ren & Hong, 2017; Sun,
2020). Since reviews or blog posts usually cover a wide range of subjects and sentiments,
no clear picture can be identified in the holistic view, or rather the positive and negative
impressions blur into a neutral overall picture. However, if these texts are divided into
topic groups, it is much clearer to see how tourists feel about the different aspects of the
destination. In addition, the individual topics can be compared with each other and ranked
by positive and negative. In its conclusion, an overall picture of the destination can be

compiled from this.

As indicated before, there are significant differences between UGC and DMO content.
The differences lay mainly in the expression of feelings and emotions, which are
considerably more represented in UGC than in other sources. Chen et al. (2019) state that
opinions in UGC are more positively biased — because of the so-called Pollyanna effect,
which is the tendency of people to recall positive and pleasant information easier that
negative one. Termed by the US psychologist Charles Osgood in 1964 (Doyle, 2011) —
but this is not confirmed by other studies. However, the found differences by media
format indicate a gap between projected and perceived DI (Marine-Roig & Ferrer-Rosell,
2018; Tseng et al., 2015). It is therefore advisable to take a close look at the deviations in
order to narrow this gap by adjusting tourism offers and marketing strategies. The smaller
the gap between expectation and reality, the greater the tourist’s satisfaction (Oliver &
Winer, 1987; Weber, 1997). The emotions expressed in UGC can be specifically
incorporated into DMO materials to create a more vivid image of the destination
(Koltringer & Dickinger, 2015). Mak (2017) and Deng and Li (2018) for instance, show
approaches to incorporate tourists' photos into DMO material to visually depict emotions
linked to the destination. Additionally, destination managers could repost tourists' online
content strategically on their social media channels, to create a closer bond with the

tourists but also to show real live pictures of the destination.
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The findings of this study reinforce the need to further investigate online DI using UGC
(Mak, 2017; Marine-Roig & Ferrer-Rosell, 2018, Rahmani et al., 2019).
For instance, Mak (2017) promotes to explore the online DI through photographic UGC.
Especially the differences between different social media photo content platforms are
poorly investigated so far. Marine-Roig and Ferrer-Rosell, (2018) propose to compare the
DI of similar destinations to filter what makes each destination really unique. Rahmani et
al. (2019) generally urge tourism researchers to do more studies on large scale data. Since
the comparison of several large-scale data studies can than answer the question of “how
objective destination images can form and whether common memories (can) exist”

(Rahmani et al., 2019, p. 12)

5.3 CONCEPTUAL MODEL AND PRACTICAL GUIDANCE
To summarize the findings of this study a conceptual model as presented in Figure 7 was
developed, based on the insights of the studies in the dataset. It can be seen as a guidance

for the preparation phase of future DI research.

The conceptual model is divided into four phases — selection , collection, analysis and
reporting — which was adapted from other researchers Kim et al. (2017) and Marine-Roig
(2019). The division indicates that already in the theoretical preparation of an online DI

research decisions for all for phases should be made.

Before diving into the individual phases, researchers should define the strategic goals for

their research. This can be supported by answering the following questions:

» What is the purpose of the research?
» Does the research has a theoretical or practical focus?
» Which target group is aimed to be analyzed?

» Which destination aspects are seen as important?

Selection Phase

In the selection phase it should be defined, not only which destination is going to be
analyzed but also from which perspective. According to the choice of perspective the
fitting media can be selected. It is crucial to understand, that the DI will vary depending
on the analyzed source. To get a more holistic DI it is therefore recommended to choose

more than one media source.

34



5 Discussion and Future Research Agenda

In the dataset studies, the main media / online platforms analyzed are TripAdvisor, Travel
advisor websites and Travel Blogs. None of the studies included a booking website, such
as Booking.com, Hostelworld.com or Airbnb in their media sample. Even though those
websites combine the projected and perceived DI since they include general information
about the destination together with comments and reviews of guests. This could be a
potential research field of upcoming studies.

Especially the comparison of two accommodation booking websites, with different target
groups (e.g., young travelers and luxury travelers) could give a holistic DI from various
tourist perspectives. In the analyzed studies researchers mention that the users writing
travelblogs and reviews online are limited to a younger age group (Sun, 2020). However,
since the internet is becoming more and more accessible to every age group and the users

become more diverse, this aspect should be kept in mind but not be seen as a limitation.

The question of platform choice should relate to the question of strategic goals. Meaning,
if the strategic goal is to deliver substantial DI insights for destination mangers opt for
classical platforms. If it is to present new insights in the field of tourism research, choose

unconventional platforms.
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Figure 7:

o Selection
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After the choice of media platform, the data type must be selected. For instance, reviews,
comments to certain sights or topics, posts in discussion forums or travel reports.
Moreover, it must be decided whether only text data is considered or if pictures and videos
are also going to be included. In past research, a significant gap between projected and
perceived DI was found (Buultjens et al., 2013; Dickinger & Lalicic, 2016; Garay &
Canoves, 2015; Koltringer & Dickinger, 2015; Marine-Roig & Ferrer-Rosell, 2018).
Hence, it is recommended to consider content from both sites, projected (DMO content

and media) and perceived (UGC from tourist, who have already visited the destination).

The language of the collected data is another aspect that should be considered. It must be
kept in mind that, depending on the selected language, the DI of different guest groups is
analyzed. If the DI of tourists of a specific country is planned to be analyzed — like in the
research of Liu et al. (2019), and Hu et al. (2014) — it is advisable to choose comments
and reviews in the specific language. If a general DI from international guest is aimed to

be found the content can be collected in English.

In addition, DI is dependent on travel status, meaning whether the destination has been
visited before or not (Jani & Hwang, 2011). The demographics of tourists can also have
an impact (Alonso-Almeida et al., 2019). Future online DI analyses should therefore take
these aspects into account from the very beginning, to capture an as comprehensive DI as
possible. In other words, search and filter criteria should be defined from the very start,
according to the strategic goals. Furthermore, it may be interesting for destination
managers to link the described experiences with the demographic data of the users, to

design and market the destination offers more target group precisely.

Finally, the time span for data collection must be chosen. Again, it depends on the
strategic goal whether a snapshot of the current situation is aimed to by analyzed or a
development of the DI over the last years. Past studies chose time frames between four

month and eleven years.

Collection Phase

After the data selection the collection phase begins. For this stage it must be determined
whether the researchers are going to collect the data manually — e.g., with the help of
search engines — or if the collection will be performed automatically, with the help of

crawling programs like Leximancer or WebLyzard. It is urged to choose automatic

37



5 Discussion and Future Research Agenda

collection, due to the vast amount of online data available nowadays. Manual collection
would eighter be very time consuming or entail the need to reduce the amount of collected
data immensely, which leads to a narrower and more inaccurate DI. However, it must be
regarded that certain crawling software only works with English dictionaries and
therefore cannot be applied in all cases.

In addition, it should be considered whether certain filter criteria shall be taken into
account during the data collection. For instance, reviews and posts could be collected
sorted by seasons or ratings, to simplify later classification. For the downloading eighter
a web crawler or a web copy program is needed. Along with this, attention should be paid
to the recording and storing of the data. Depending on the type of data collected and
further processing of the data, different formats are suitable, e.g., PDF, HTML or Datasets

(when including text and photos or videos).

Analysis Phase

For the analysis phase it is important to cleanse and prepare the data before starting with
the actual analysis, especially when working computer assisted. This includes debugging
the collected data, removing stop words (me, and, but, etc.) and identifying composite
words (e.g., Sagrada Familia as one word construct, instead of two sperate words).
When analyzing the data manually, a codebook must be developed with a clear definition
of the search criteria and categories. Codebooks from prior studies can help with the
development (Jani & Hwang, 2011; Kéltringer & Dickinger, 2015; Marine-Roig & Anton
Clavé, 2016). Again, manual analysis is not recommended because of the amount of data

available and is only suitable in case of a qualitative and explorative analysis.

Both, in manual and in automatic analysis, the analysis techniques must be defined. These
could be counting of words / keywords, grouping keywords into topics, definition of
relevant categories. For this the programming language Python can be applied, or
software like CATPAC, TextSTAT and WordSTAT, which are recommended by
researchers in the database (Dickinger & Lalicic, 2016; Garay & Canoves, 2015; Jani &
Hwang, 2011; Mak, 2017). After content analysis further methods can be applied to get
a deeper understanding of tourist’s behavior in a destination and their sentiments towards
a destination. The most common and proven methods are sentiment analysis, co-

occurrence analysis, semantic clustering, and correspondence analysis. Especially in
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sentiment analysis it is advised, to divide the data into topics and identify the sentiments
for topics. When analyzing pictures, a mise en scene analysis with the help of NVivo

software is recommended, as done by Mak (2017).

Many authors applied the help of visualization programs to identify the connections
between keywords or topics for instance Leximancer or Gephi (Alonso-Almeida et al.,
2019; Liu et al., 2019; Oliveira et al., 2019; Tseng et al., 2015). As well as the mapping
of posts and keywords, to show the tourist movement within a destination and the “hot

spots” (Miah et al., 2017; Van der Zee & Bertocchi, 2018).

Reporting Phase

The previous defined strategic focus of the research, whether it is a theoretical or practical
focus, is crucial for the final phase, the reporting of the results. In case of a theoretical
focus, emphasis should be put on the methods used, the general tourist behavior insights
gained and the comparison of the analyzed media to media from other studies.

In case of a practical focus the results should be presented as action point for destination
managers. In this case is it is useful to list the main stakeholders and tourist’s groups of
the destination and a list of the most popular areas / sights / activities and topics.
Moreover, the expressed sentiments should be presented with a clear definition of what
is loved and what criticized. As well as the found gap between the perceived and the
projected DI.

Following this guideline and taking decisions for all listed points in advance of the actual
research, could help to perform a stringent and fluent DI analysis, without jumping back

and forth for adjustments to often.

Discussion for future research

However, the described method of online DI analysis offers only a partial section of the
DI. The more comprehensive and holistic the DI is to be mapped the more analysis
methods should be used. A benchmark analysis with other comparable tourism regions is
useful to filter out the unique selling propositions of a destination. For this purpose,
collaborations with other destinations could be started.

Furthermore, future online DI analyses could use additional qualitative methods in order

to better understand the motives and motivations of tourists and other stakeholders. The
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analysis of UGC described above serves to measure and understand the current state.
Meaning what emotions, thoughts and evaluations do current and future tourists have
about the destination. In order to align the marketing products and strategies around the
destination correctly for the future, additional qualitative methods could help. Examples
of these methods are focus groups, individual interviews, and observations. The method
of DI detection through UGC could serve as a starting point for the development of further
qualitative methods. For instance, focus groups could be used to work out concrete
solutions for situations that were noted negatively in the online DI. In qualitative
individual interviews, representatives of different tourist groups could be interviewed
about the identified sentiments in order to gain a deeper understanding of the motives,
expectations and motivations for choosing a destination. At the same time, interviews
could also be conducted with local stakeholders, such as gastronomes, retailers, and tour
guides /attraction providers. They could first be asked about their perceived DI, as well
as about the observed behavior of the tourists. In a second step, they could be confronted
with the DI drawn online and check to what extent their perception on site deviates from
it.

Another possibility for additional qualitative data collection could be the observation of
tourist behavior in the destination. Where do they spend a particularly long time? Do they
separate from their families or stay together? Do they choose public transportation or cabs
at the airport? At what times of day are they traveling and where? Here, again, the insights
into tourism flows gained previously in the online DI analysis could be used as a basis.
The problems found via UGC analysis can be studied more specifically through
observations to find concrete solutions. For example, if it is noted in UGC that public
transportation access points at popular attractions are highly crowded, researchers could
use observations to analyze tourist flows and provide concrete suggestions for
improvement. In this case, for example, better signage to the next subway station to
equalize the flow of people.

40



6 Limitations

6 Limitations

This research paper has several limitations. First, this study attempted to provide a holistic
view of online DI research between 2010 and 2020, however since research papers were
retrieved only from the three databases Web of Science, ProQuest and b-on, contributions
on American destinations are missing in the collection (only exception: Deng and Li
(2018) research on New York City). Therefore, a research with the same keywords and
time settings should be conducted using other databases, which are more specialized on
scientific content from America, to complete the picture and compare the findings with

the findings of the present study.

Moreover, a dominance of studies on China and Spain were found in the database. It
would be interesting to see if this shifts by choosing other databases or if nations like
Russians and Germans are generally underrepresented in online DI research. Both can be
an interesting subject for future research. Either scientific databases in the field of tourism
could be divided in predominant tourism nations, or online DI analysis from the

perspective of underrepresented tourists in this database could be conducted.

Additionally, the studies collected have not been assessed on quality and relevance by the
author of the present work. Meaning that all contributions in the dataset have been treated
equally, no matter how often they have been quoted by others or which ranking they have
in a journal ranking list. Therefore, this study’s results may include ideas that are not
widely supported in tourism research. For future research it is recommended to check the
value of collected contributions with the help of a journal ranking list.

When including the research objects into the database a coding matrix was designed to
capture the key parameters of each study in a standardized and thus comparable manner.
Nevertheless, there is always a risk of over-standardization or loss of important detailed
information in this kind of standardization process. Moreover, the coding was conducted
by only one researcher which could have led to a bias in capturing the key parameters,
since the dual-control principle was not applied. Hence, the lack of detail information and
detailed method description limits the present study in its comprehensiveness and

therefore is another limitation.

In conclusion, the results of the study should be seen in context with its limitations.
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., Aber ein jeder, der in der Ferne ein Land studieren will, er habe es friiher
nun selbst gesehen oder nicht, wird immer soviel Zeugen aufsuchen, als er nur
kann. / But anyone who wants to study a country far away, whether he has seen

it himself'in the past or not, will always seek out as many observers as he can. *
(Goethe, 1811)

This wisdom from Goethe applies not only to traveling, but also to all other undertakings.
The tourist, when informing himself about his next potential vacation destination,
nowadays no longer does this solely with a guidebook, an advertisement of the destination
or the report of an acquaintance but is offered almost infinite possibilities of information
on the Internet: From reviews, over discussion and question forums, up to detailed travel
reports with texts, pictures, and video. From the resulting picture, he can make up his own
mind about the region. Tourism marketing organizations and tourism researchers
therefore have a great interest in capturing this image created on the Internet as precisely
as possible. Therefore, the well-known theory of DI was extended to online DI. The
possibility of collecting vast amount of data for the DI analysis requires new methods and
tools in data collection and analysis. To not get lost in big data but to use it to its full

potential.

Before a destination manager or a researcher starts to conduct a study on the DI online of
his region himself, he should refer to Goethe's wisdom and consult as many researchers

as possible, who are already experienced in this field of analysis.

The present study was designed to do exactly that. Its aim was to close this research gap
and provide a systematic overview of the current situation in the research field of online
DI analysis through UGC. The present state of the art was attempted to be explored in an
unbiased and holistic way through the method of SLR. The intention was to examine and
provide future research paths addressing the DI online.

Therefore, research work on online DI of the last ten years was collected and analyzed to
portray the current methodological approach in this scientific field. The outcome is an
overview model that can be used as an initial guidance for designing an online DI study
according to current standards. Considering the several limitations present in this research

it still can be an aid in the development phase of future online DI studies.
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